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Marketing Strategies Using Artificial Intelligence to 

Enhance Corporate Identity and Competitive Advantage 
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Ethics in AI. 

 

 

 

Περίληψη 

This thesis explores how service companies can use artificial intelligence (AI) in marketing to 

strengthen corporate identity and gain competitive advantage. In services, where customers mainly 

evaluate experiences rather than physical products, corporate identity is built through consistency, 

trust, and the way a brand behaves across touchpoints. The study argues that AI is no longer just a 

back-office tool: through personalization, automated campaigns, chatbots, social listening, and AI-

supported content creation, AI actively shapes how customers experience and interpret a brand. 

When these AI capabilities are strategically aligned with a company’s values and brand promise, 

they can improve relevance, responsiveness, and journey continuity—leading to higher loyalty, 

stronger brand equity, and better performance outcomes. However, the benefits are conditional: 

over-automation, opaque personalization, or intrusive data practices can undermine trust and create 

identity dissonance, especially in trust-sensitive sectors like banking and telecom. Therefore, 

ethics, privacy, transparency, and human oversight are framed as strategic requirements rather than 

obstacles, particularly within the EU regulatory environment. The thesis supports these arguments 

through Greek and international case studies (e.g., Cosmote, Alpha Bank, Aegean, Skroutz/eFood, 

Media Strom; Netflix, Amazon, Starbucks, Sephora, Hilton, Spotify), showing that AI becomes a 

powerful identity signal when it reliably improves customer experience and is governed 

responsibly. Overall, the thesis concludes that sustainable advantage comes not from using “more 

AI,” but from using AI in ways that consistently express what the brand stands for. 
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Chapter 1. Introduction 

1.1 Background of the Study 

Marketing in service-intensive industries increasingly depends on data-driven capabilities that can 

orchestrate distinctive customer experiences and reinforce corporate identity at scale. Recent 

advances in artificial intelligence (AI)—including predictive analytics, recommendation engines, 

and generative systems—enable firms to sense, interpret, and act on customer signals across 

touchpoints with unprecedented speed and granularity, thereby shaping perceptions of who the 

firm is (its identity) and why it matters (its value proposition). Strategic frameworks in marketing 

now position AI not merely as a set of tools, but as layered capabilities that automate routine tasks, 

augment decision-making, and simulate aspects of affective interaction, each with implications for 

segmentation, positioning, branding, and execution (Huang & Rust, 2021).  

Concurrently, service research underscores that customer experience and brand meaning are co-

created in interactions that span digital and human interfaces; in this terrain, AI-enabled 

personalization, service automation, and real-time analytics offer pathways to differentiation and 

loyalty—if deployed responsibly (Wirtz et al., 2025). At the same time, the consolidation of 

corporate identity in digitally mediated markets requires renewed attention to how brands 

articulate their essence and values, maintain coherence across channels, and adapt dynamically to 

context. 

Against this backdrop, the present thesis investigates how AI-enabled marketing strategies can 

strengthen corporate identity and generate competitive advantage in service settings. The study 

builds on the formally approved thesis topic, “Marketing Strategies Using Artificial Intelligence 

to Enhance Corporate Identity and Competitive Advantage,” and its emphasis on content 

generation, predictive personalization, social listening, and customer-journey optimization through 

automation (e.g., chatbots), with illustrative cases from Greek and international service firms.  

1.2 Research Problem and Objectives 

Despite the promise of AI, organizations face three interrelated challenges. First, there is limited 

clarity on how specific AI capabilities (e.g., predictive modeling, generative content, 

conversational agents) translate into identity-building mechanisms that are recognizable and 
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valued by customers in services. Second, firms struggle to balance personalization with privacy, 

consent, and emerging regulation (e.g., the EU AI Act), risking trust erosion that can undermine 

brand meaning. Third, while performance claims abound, rigorous, context-sensitive evidence 

connecting AI-enabled initiatives to competitive outcomes in service markets remains fragmented. 

Accordingly, the thesis pursues four objectives: 

(a) to synthesize contemporary theory on AI in marketing with work on corporate identity and 

service experience, establishing a conceptual model that links AI capabilities to identity signals 

and competitive effects; (b) to examine empirically (through case analysis and/or field data, 

depending on access) how service firms deploy AI across the customer journey and how these 

deployments shape perceived identity coherence and differentiation; (c) to assess the performance 

implications of AI-enabled strategies using credible outcome indicators (e.g., loyalty, conversion, 

ROI) where available; and (d) to delineate governance principles that reconcile personalization 

benefits with privacy and regulatory compliance in the EU context. These objectives respond to 

calls for strategic, integrative accounts of AI’s role in marketing and for clearer guidance on value 

creation under regulatory constraints (Huang & Rust, 2021; Greenberg Traurig, 2024; AI Act 

summary, 2024).  

1.3 Research Questions 

To meet these objectives, the study addresses the following questions: 

How do discrete AI capabilities in marketing (e.g., predictive analytics, generative content, 

chatbots) contribute to the articulation and reinforcement of corporate identity in service firms?  

Through what mechanisms do AI-enabled customer-experience interventions (e.g., hyper-

personalization, automated service, social listening) influence differentiation and competitive 

advantage in service markets?  

What trade-offs emerge between personalization and privacy/trust, and how can firms design AI 

governance to comply with the EU AI Act while sustaining brand equity? 

What contextual contingencies (e.g., service category, interface human-likeness, data availability) 

moderate the effects of AI-enabled strategies on customer outcomes and brand meaning? 
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1.4 Significance of the Study 

This thesis contributes to theory and practice in three principal ways. First, it integrates 

contemporary AI-in-marketing perspectives with corporate identity scholarship to explain how 

algorithmic capabilities operate as identity signals—for example, by increasing perceived 

consistency, authenticity, and value relevance across service interactions. By linking capability 

layers (automation, augmentation, and affect simulation) to identity-building processes, the study 

advances strategic marketing discourse beyond operational efficiency toward meaning-making and 

brand stewardship within service ecosystems. 

Second, it offers an evidence-informed account of competitive advantage under AI adoption by 

triangulating customer-experience outcomes and performance indicators (e.g., conversion, 

retention, unit economics) reported across academic and credible industry sources. This synthesis 

clarifies where AI plausibly creates value in services—such as through personalization quality, 

journey continuity, and reliability cues—and where returns are attenuated by weak data 

foundations, poor orchestration, or governance gaps. In doing so, the study delineates boundary 

conditions that vary by category, market structure, and organizational data maturity. 

Third, it addresses the managerial and societal tension between personalization and trust by 

articulating governance principles that travel across jurisdictions. Rather than centering on any 

single regime, the thesis aligns responsible deployment with widely recognized norms—

transparency, consent, explainability, human oversight, fairness assessment, and data 

minimization—while mapping these principles to diverse regulatory contexts (e.g., European, 

North American, Latin American, and Asia-Pacific data and AI frameworks) and to emerging 

standards and risk-management guidance. This comparative lens equips global service firms with 

actionable guidance to scale AI-enabled experiences responsibly and context-sensitively in 

multiple markets. 

 

1.5 Structure of the Thesis 

Chapter 2 develops the theoretical foundation, reviewing scholarship on corporate identity in the 

digital era, service experience management, and AI-enabled marketing capabilities; it culminates 

in a conceptual framework linking AI functions to identity signals and competitive outcomes 

Chapter 3 details the methodology—data sources, case selection, operationalization of constructs, 
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and analytical strategy—aligned with the approved proposal’s methodological direction. Chapter 

4 presents the empirical analyses and case evidence on AI deployments across the customer 

journey (e.g., content generation, predictive personalization, conversational service) and evaluates 

their effects on identity coherence and performance. Chapter 5 discusses findings, theoretical 

implications, and managerial recommendations, including governance principles under the EU AI 

Act. Chapter 6 concludes with limitations and future research avenues, particularly concerning 

longitudinal identity effects and cross-market generalizability.  

 

Figure 1. AI and strategic marketing decisions across research–strategy–action (mechanical, 

thinking, feeling AI). Adapted from Huang and Rust (2021). 

 

Chapter 2: The Importance of Corporate Identity in the Service Industry 

2.1 Introduction and Conceptual Background 

Corporate identity (CI) has long been recognised as a strategic organisational resource that 

integrates a firm’s visual, behavioural, and communicational expressions into a coherent image 

perceived by internal and external stakeholders (Balmer, 2017; Foroudi, 2024). It encompasses the 
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set of characteristics, values, and beliefs that an organisation chooses to present and uphold, 

serving as both a self-definition and a signal to its environment (Balmer & Podnar, 2021). While 

the concept is relevant across industries, in the service sector—where intangible experiences are 

the core product—corporate identity plays a particularly vital role in shaping customer perceptions, 

building trust, and fostering loyalty (Foroudi et al., 2025). 

From a marketing and strategic management perspective, corporate identity can be understood as 

a multi-dimensional construct that aligns organisational culture, vision, and communication with 

brand promise and market positioning (Bravo, 2017; Ighomereho et al., 2022). In service industries 

such as hospitality, finance, education, and healthcare, where customers cannot evaluate products 

before purchase, corporate identity acts as a proxy for quality and reliability. This signalling 

function reduces uncertainty and reinforces the organisation’s ability to differentiate itself in 

competitive markets (Acar et al., 2024). 

2.2 Historical Evolution of Corporate Identity Theory 

The concept of corporate identity emerged in the 1970s, initially focusing on visual identity 

systems—logos, typography, colour palettes, and design guidelines—that ensured a consistent 

appearance across communications (Balmer, 2017). This early stage aligned with the growth of 

corporate branding as a strategic function and the need to manage organisational image in 

increasingly competitive markets. 

By the 1990s, scholars began to conceptualise corporate identity beyond aesthetics, incorporating 

organisational behaviour, corporate culture, and strategic vision into the construct (Balmer & 

Greyser, 2006; though predating our 2017–2025 scope, this theoretical shift remains influential). 

The “Test of Corporate Brand Management" (Balmer, 2001) further refined the concept, 

distinguishing between actual, communicated, conceived, covenant, and ideal identities. 

In recent years, the scope of corporate identity has expanded to include stakeholder engagement, 

sustainability commitments, and digital brand presence (Foroudi, 2024; Foroudi et al., 2025). In 

service industries, the digital transformation has amplified the need for cohesive identity across 

both physical and online touchpoints, making consistency not only a matter of branding but of 

customer experience design (Ighomereho et al., 2022). 
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2.3 Core Dimensions of Corporate Identity 

Corporate identity is often conceptualised as comprising three interrelated dimensions: visual 

identity, organisational behaviour and corporate communications (Balmer, 2017; Balmer & 

Podnar, 2021). 

 

Visual identity includes the tangible symbols and design elements through which an 

organisation presents itself—logo, colour scheme, typography, and layout systems (Balmer, 

2017). In service industries, the physical environment, employee uniforms, and user interface 

design of digital platforms are also part of the visual identity. These elements function as visual 

shorthand, allowing stakeholders to recognise and recall the brand. Consistency in visual 

identity enhances memorability and reinforces perceived professionalism (Melewar & Jenkins, 

2002; updated perspectives in Foroudi, 2024). 

 

Behavioural identity reflects the actions and conduct of employees and management in 

delivering the organisation’s services. In service contexts, where interpersonal interactions 

directly affect customer satisfaction, the behavioural dimension is central to how corporate 

identity is experienced (Bravo, 2017). Employee behaviour must align with brand values to 

create an authentic and trustworthy image (Acar et al., 2024). 
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Communications encompass all verbal and written messages, both formal and informal, that 

express the organisation’s identity to stakeholders (Balmer & Podnar, 2021). In services, this 

includes marketing campaigns, customer service interactions, social media content, and 

internal communications. Effective corporate communication ensures that the intended identity 

is consistently conveyed and perceived, reducing the risk of identity–image gaps (Foroudi et 

al., 2025). 

 

2.4 Corporate Identity in the Service Industry 

Service industries present a distinctive context for the application and management of corporate 

identity. Unlike manufacturing sectors, services are characterised by intangibility, inseparability, 

heterogeneity, and perishability (Zeithaml et al., 2020). These characteristics mean that customers 
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often rely on cues such as organisational reputation, employee behaviour, and consistent brand 

presentation to form expectations and evaluate quality (Foroudi et al., 2025). 

In hospitality, for example, the consistency of a hotel’s visual identity—from its website to in-

room materials—affects guests’ perceptions before they even arrive, while the on-site delivery of 

service behaviours either validates or contradicts the promised identity (Bravo, 2017). Similarly, 

in financial services, where trust and confidentiality are critical, a coherent identity that aligns 

communication style, service environment, and employee conduct can significantly reduce 

perceived risk (Acar et al., 2024). 

The challenge in service industries lies in the variability of service encounters. Unlike physical 

products, which can be standardised, each service interaction is unique, making it essential for the 

corporate identity to serve as a guiding framework for employees (Balmer & Podnar, 2021). This 

framework ensures that despite situational differences, the core brand values are consistently 

demonstrated. 

2.5 Corporate Identity and Customer Experience 

Customer experience (CX) is increasingly recognised as a driver of business success, particularly 

in service contexts where emotional engagement and personalisation influence satisfaction and 

loyalty (Lemon & Verhoef, 2016). Corporate identity shapes CX in two primary ways: by setting 

expectations and by delivering on them. 

The alignment between promised and delivered experiences—often referred to as brand 

authenticity—depends heavily on how well corporate identity is embedded in service design and 

employee training (Bravo, 2017). Foroudi et al. (2025) emphasise that a clearly defined identity 

acts as a “north star” for customer experience strategies, ensuring consistency across touchpoints. 

For example, an airline that positions itself as “customer-centric” must not only project this 

through marketing materials but also empower frontline employees to make customer-focused 

decisions in real time. 

Digital transformation has further expanded the scope of CX, requiring organisations to maintain 

a coherent identity across online and offline environments (Ighomereho et al., 2022). In sectors 

like retail banking or healthcare, digital portals, chatbots, and mobile apps must convey the same 
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values and visual cues as physical branches or clinics, creating a seamless, omnichannel identity 

experience. 

2.6 Corporate Identity, Reputation, and Trust 

Corporate identity is closely intertwined with corporate reputation—the collective assessment of 

an organisation’s ability to meet stakeholder expectations over time (Fombrun, 1996; Foroudi, 

2024). In service industries, where purchase risk is perceived as higher, a strong and consistent 

identity contributes directly to building trust (Balmer & Podnar, 2021). 

Trust formation in services often relies on repeated positive interactions and the perception of 

organisational competence and integrity (Acar et al., 2024). A well-managed identity signals both 

stability and reliability, reducing the cognitive effort required for customers to assess the provider’s 

quality. For example, luxury hotels like the Ritz-Carlton maintain a global identity rooted in 

exceptional service, creating an expectation of quality that enhances trust even before a guest 

arrives. 

Reputation also acts as a buffer during crises. Organisations with a solid identity and strong 

reputational capital are more resilient to service failures, as stakeholders are more likely to attribute 

isolated issues to exceptional circumstances rather than systemic problems (Foroudi, 2024). This 

reputational resilience is particularly valuable in industries such as aviation or healthcare, where 

trust is paramount. 

2.7 Corporate Identity as a Source of Differentiation and Competitive Advantage 

In highly competitive service markets, where offerings may be easily imitated, corporate identity 

becomes a crucial differentiator (Porter, 1985; Balmer, 2017). A distinct identity not only attracts 

customers but also aligns employees around a shared purpose, enhancing service quality and 

operational efficiency (Bravo, 2017). 

Foroudi et al. (2025) argue that differentiation through identity is most effective when it integrates 

both tangible and intangible elements—visual branding, service behaviours, and brand narratives. 

For example, Southwest Airlines differentiates itself not through luxury or pricing alone, but 

through an identity built on friendliness, humour, and employee empowerment, which permeates 

every customer interaction. 
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Moreover, identity-driven differentiation supports long-term strategic positioning. While short-

term promotions or pricing strategies can attract customers, a coherent identity fosters enduring 

loyalty and word-of-mouth advocacy (Acar et al., 2024). This is particularly significant in sectors 

such as higher education or professional services, where customer relationships often span years 

or decades. 

From a resource-based view (RBV) perspective, corporate identity can be considered a valuable, 

rare, inimitable, and non-substitutable (VRIN) asset, providing a sustainable competitive 

advantage when effectively managed (Barney, 1991; Foroudi, 2024). In the service industry, where 

human capital and customer relationships are key performance drivers, identity acts as a strategic 

anchor that guides decision-making and innovation while preserving brand coherence. 

 

 

Figure 2. Batraga, Anda & Rutitis, Didzis. (2012).  
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Chapter 3 – The Contribution of Artificial Intelligence to Modern Service 

Marketing 

 

The advent of Artificial Intelligence (AI) has transformed the landscape of service marketing, 

reshaping the way companies design, deliver, and enhance customer experiences. By leveraging 

advanced algorithms, machine learning (ML), and natural language processing (NLP), businesses 

can now analyze vast amounts of data in real time, predict customer behaviors, and deliver 

personalized experiences at scale (Kumar, 2024). This technological shift has been particularly 

impactful in the service industry, where the intangible nature of offerings places significant 

emphasis on trust, personalization, and customer engagement (Kim, 2023). AI’s capacity to 

automate processes, create tailored content, and generate actionable insights empowers 

organizations to strengthen brand identity, foster customer loyalty, and gain a competitive 

advantage in highly saturated markets (Tripathi & Shukla, 2024). 

The following sections examine the role of AI in service marketing across five key dimensions: 

general adoption trends, generative content creation, personalization through predictive analytics, 

social listening and sentiment analysis, and the ethical considerations underpinning its use. 

 

3.1 Overview of Artificial Intelligence in Marketing 

Artificial Intelligence in marketing refers to the use of computational systems capable of 

simulating aspects of human intelligence to perform tasks that traditionally required human 

decision-making, such as interpreting data, identifying patterns, and predicting outcomes (Kumar, 

2024). In the context of service marketing, AI serves as both a strategic and operational tool, 

enabling organizations to address the dynamic needs of customers while improving operational 

efficiency and marketing effectiveness (Kim, 2023). 

From a strategic perspective, AI enables service firms to transition from reactive to proactive 

market engagement. By analyzing large-scale customer datasets - including transactional history, 

behavioral signals, and social media interactions - AI systems can forecast demand trends, 

anticipate customer needs, and identify emerging market opportunities before they fully 

materialize (Wilson, Johnson, & Brown, 2024). This predictive capacity is particularly relevant in 
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services, where customer satisfaction and loyalty are highly sensitive to timely and contextually 

relevant interactions. 

Operationally, AI-driven systems support marketing activities such as campaign optimization, lead 

scoring, customer segmentation, and personalized recommendation engines. For instance, in 

hospitality services, AI can dynamically adjust pricing strategies based on seasonality, customer 

booking behavior, and competitor activity, maximizing both occupancy rates and revenue per 

customer (Kim, 2023). Similarly, in financial services, AI chatbots and virtual assistants can 

provide real-time, personalized support, enhancing perceived service quality while reducing 

operational costs (Tripathi & Shukla, 2024). 

Moreover, AI has expanded the creative dimension of marketing by introducing generative 

capabilities—such as automated content production, personalized ad copywriting, and dynamic 

website customization—that are increasingly used to maintain brand consistency and relevance 

across digital touchpoints (Anantrasirichai & Bull, 2020). These capabilities are complemented by 

AI’s integration with Internet of Things (IoT) data streams, enabling hyper-contextualized 

marketing in sectors like retail, healthcare, and transportation. 

The widespread adoption of AI in marketing, however, is not without challenges. Issues such as 

algorithmic transparency, data privacy, and the risk of over-automation highlight the need for a 

balanced approach that combines AI’s computational efficiency with human oversight (Hari, 

2025). Nevertheless, when applied ethically and strategically, AI serves as a transformative force 

in service marketing, elevating both the efficiency of business operations and the depth of customer 

relationships. 

3.2 AI for Content Creation and Management (Generative AI Tools) 

The integration of Artificial Intelligence (AI) into content creation and management processes 

represents a paradigm shift in modern service marketing. Generative AI, a subfield of AI focused 

on producing original outputs such as text, images, audio, and video, leverages advanced machine 

learning architectures - particularly Generative Adversarial Networks (GANs) and Large 

Language Models (LLMs), to automate creative tasks while preserving brand voice and relevance 

(Anantrasirichai & Bull, 2020). In service industries where brand perception is heavily influenced 

by the consistency, quality, and timeliness of content, these tools are increasingly deployed to 

streamline production, optimize distribution, and enhance customer engagement (Kumar, 2024). 



21 

 

 

Generative AI Technologies 

 

Generative AI tools, such as OpenAI’s GPT-4, Google’s Gemini, and image generation platforms 

like DALL·E and Midjourney, enable marketers to produce a variety of marketing assets at scale. 

These tools can generate high-quality written content, including blog articles, product descriptions, 

and personalized email campaigns - within minutes, significantly reducing production timelines 

(Wilson et al., 2024). For visual content, GAN-based platforms can create images for advertising, 

promotional banners, and even dynamic video advertisements tailored to specific customer 

demographics (Anantrasirichai & Bull, 2020). 

Beyond creation, AI tools also support content curation by analyzing vast datasets from social 

media, industry news, and customer-generated content to identify emerging topics and trends. This 

predictive capability ensures that service brands remain ahead of cultural shifts and competitive 

messaging strategies (Kim, 2023). 

 

Applications in Service Marketing 

 

In hospitality, AI-generated itineraries and promotional videos can be customized for specific 

traveler personas, increasing relevance and conversion rates (Tripathi & Shukla, 2024). In financial 

services, generative AI can create targeted educational content explaining complex investment 

products in simplified terms, thereby improving customer comprehension and trust. Similarly, in 

healthcare services, AI can assist in producing empathetic, personalized communication materials 

that address patient concerns while aligning with regulatory compliance requirements. 

Another critical application is multilingual content generation, where AI enables service brands to 

deliver culturally adapted content in multiple languages, expanding their global reach while 

maintaining brand integrity (Kumar, 2024). These capabilities are particularly valuable for 

multinational service providers aiming to standardize messaging across diverse markets. 
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Content Management and Optimization 

 

Beyond creation, AI enhances content management systems (CMS) by introducing features such 

as automated tagging, metadata generation, and search engine optimization (SEO) 

recommendations. AI-powered CMS platforms can analyze user interaction data to recommend 

the best publishing times, select optimal content formats, and adapt website layouts for higher 

engagement (Wilson et al., 2024). 

Dynamic content personalization is another major innovation, wherein AI adjusts webpage 

elements, such as banners, calls-to-action, and product recommendations in real time, based on the 

visitor’s browsing history and behavioral signals. For example, an online education provider can 

display different course recommendations for a returning student compared to a first-time visitor, 

increasing the likelihood of enrollment. 

Benefits and Challenges 

The use of generative AI tools in content creation offers multiple benefits: 

• Efficiency - Reduced time-to-market for campaigns and lower production costs. 

• Scalability - Ability to produce and adapt content for multiple audience segments 

simultaneously. 

• Consistency - Uniform messaging across channels, reinforcing brand identity. 

However, the adoption of these technologies also presents challenges. There is a risk of producing 

generic or low-quality outputs if models are not fine-tuned to the brand’s tone and audience 

preferences. Furthermore, AI-generated content may inadvertently reproduce biases present in 

training data, potentially leading to reputational damage (Hari, 2025). Intellectual property 

concerns have also emerged, as questions remain about the ownership and copyright status of AI-

generated works (Naz, 2025). 

 

Strategic Implications 

 

To maximize the value of AI in content creation and management, service firms must adopt a 
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human-in-the-loop approach, where AI augments rather than replaces human creativity. This 

hybrid model ensures that content remains authentic, contextually relevant, and ethically aligned 

with brand values (Anantrasirichai & Bull, 2020). Additionally, integrating AI-generated content 

into omnichannel strategies allows for a unified brand experience, enhancing both customer 

satisfaction and brand equity. 

In conclusion, generative AI tools have become essential in modern service marketing, enabling 

brands to meet the ever-growing demand for high-quality, personalized, and timely content. When 

deployed strategically, these tools not only optimize content workflows but also strengthen the 

connection between service brands and their audiences, ultimately contributing to sustained 

competitive advantage. 

 

3.3 Personalization of Communication with Predictive Analytics and Recommendation 

Systems 

Personalization in service marketing has evolved from static segmentation models to dynamic, 

real-time customization powered by predictive analytics and recommendation systems. Predictive 

analytics refers to the use of statistical algorithms, machine learning models, and historical data to 

forecast future behaviors or preferences, enabling service providers to deliver targeted and relevant 

communications (Wilson et al., 2024). Recommendation systems, a subset of AI-driven 

personalization, leverage algorithms to suggest products, services, or content that align with 

individual customer profiles (Naz, 2025). Together, these technologies enable a shift from mass 

marketing to one-to-one engagement, fostering deeper customer relationships and improving 

conversion rates (Kumar, 2024). 

 

Mechanisms of Predictive Personalization 

 

Predictive personalization begins with the aggregation of diverse data sources—transaction 

histories, web browsing patterns, social media activity, and even geolocation data—into a unified 

customer profile (Kim, 2023). Advanced AI algorithms then identify patterns in this data to 

anticipate needs and behaviors. For instance, a predictive model might analyze seasonal 
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purchasing habits and predict that a customer will require a particular service in the near future, 

allowing marketers to deliver timely offers or reminders. 

Recommendation systems operationalize this predictive capability through various approaches: 

• Content-based filtering, which matches products or services to customers based on shared 

attributes with previously consumed offerings. 

• Collaborative filtering, which identifies similarities between customers and recommends 

items favored by similar users. 

• Hybrid systems, combining multiple algorithms for greater accuracy (Kumar, 2024). 

In the context of service marketing, these systems can recommend vacation packages tailored to a 

traveler’s past bookings, suggest personalized insurance plans based on life events, or provide 

curated learning paths in online education platforms. 

 

Real World Applications 

The real-world applications of these systems are diverse and impactful. In hospitality, predictive 

analytics can identify a guest’s preferred room type, dining habits, or interest in specific leisure 

activities, enabling hotels to deliver personalized pre-arrival communications that both enhance 

guest satisfaction and create opportunities for upselling (Tripathi & Shukla, 2024). In financial 

services, AI-driven recommendation engines can generate investment proposals that align with a 

client’s risk profile and long-term objectives, thereby strengthening trust and deepening the 

advisory relationship. Even in digital entertainment, platforms such as streaming services use 

recommendation systems to curate viewing lists that maintain high engagement and encourage 

subscription retention. Another strategic use lies in customer journey orchestration, where 

predictive models determine the most effective timing, channel, and message format for engaging 

each individual. For instance, an airline may detect declining engagement from a frequent flyer 

and respond with a time-sensitive offer to a destination they have shown interest in, rekindling 

activity and loyalty. 
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The precision and contextual relevance of AI-powered personalization have a measurable impact 

on customer engagement and brand loyalty. Studies have shown that customers are significantly 

more responsive to communications that reflect an accurate understanding of their needs and 

interests (Naz, 2025). In the service sector, where trust and perceived value are key drivers of 

retention, personalized interactions can serve as evidence of attentiveness and care, reinforcing the 

customer’s emotional connection to the brand (Kim, 2023). Over time, such positive experiences 

build a strong foundation for long-term loyalty and advocacy. 

However, this technological sophistication is not without its challenges. The extensive collection 

and processing of personal data raise pressing questions about privacy, consent, and compliance 

with regulatory frameworks such as the General Data Protection Regulation (GDPR) (Hari, 2025). 

There is also the persistent risk of algorithmic bias, where patterns in training data can lead to 

recommendations that unintentionally exclude or misrepresent certain customer segments. 

Furthermore, over-personalization may produce the so-called “filter bubble” effect, limiting 

customers’ exposure to unfamiliar but potentially valuable services and reducing the opportunity 

for discovery. These concerns highlight the need for transparency, ethical governance, and a 

degree of human oversight in personalization practices (Wilson et al., 2024). 

Strategic implementation of predictive analytics and recommendation systems requires finding the 

right balance between automation and human judgment. A human-in-the-loop approach ensures 

that algorithmic outputs are evaluated within the context of brand values, cultural nuances, and 

situational appropriateness. By integrating hybrid recommendation models, firms can improve 

prediction accuracy while reducing the risk of bias, resulting in personalization that is not only 

effective but also fair and inclusive (Kumar, 2024). Ultimately, when deployed with ethical 

responsibility and strategic intent, predictive analytics and recommendation systems represent a 

transformative force in service marketing—enabling brands to deliver communications that are 

timely, relevant, and value-driven, while building stronger relationships and sustaining 

competitive advantage. 

3.4 Social Listening and Sentiment Analysis for Understanding Brand Perception 

In the current digital ecosystem, a brand’s reputation is shaped by far more than the messages it 

deliberately communicates. Every interaction—whether it takes place on social media platforms, 
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online forums, blogs, review sites, or even in comment sections—contributes to an ongoing public 

narrative about the brand. In service industries, where offerings are intangible and experiences are 

often subjective, these digital conversations carry significant weight. The ability to capture, 

analyze, and interpret them has become a critical source of competitive advantage. Social listening, 

the structured process of monitoring and evaluating such online discourse, enables organizations 

to identify how customers feel about their brand, uncover emerging needs, and track shifts in public 

opinion over time (Kim, 2023). When paired with sentiment analysis, which uses Artificial 

Intelligence (AI) techniques such as Natural Language Processing (NLP) and machine learning to 

assess the emotional tone embedded in language, this process moves beyond anecdotal 

observations to generate systematic, data-driven insights (Wilson, Johnson, & Brown, 2024). 

AI has revolutionized both the scale and depth at which social listening can be conducted. 

Traditionally, monitoring brand mentions relied on manual tracking or basic keyword searches, 

which were labor-intensive and limited in scope. Today, AI-powered platforms such as 

Brandwatch, Sprinklr, and Talkwalker can scan millions of data points across multiple languages 

in real time, classifying sentiment as positive, negative, or neutral. More advanced systems go 

further, employing topic modeling to detect recurring themes in conversations and emotion 

classification to differentiate between nuanced emotional states such as joy, frustration, 

anticipation, or distrust. Such precision is essential because it allows organizations to pinpoint not 

only what customers are saying, but also why they feel a certain way, and how intensely they hold 

these views (Hari, 2025). 

For service-based organizations, the value of these insights is especially pronounced. A hotel chain, 

for example, may discover through sentiment analysis that while its guests consistently praise the 

friendliness of staff, they also express dissatisfaction with the speed of check-in. This dual insight 

allows the company to protect and amplify a key strength in its marketing campaigns while 

simultaneously implementing operational changes to address the weakness. Similarly, a financial 

services firm might monitor public reactions to the launch of a new investment product, detecting 

early indications of confusion about its terms and conditions. This feedback could prompt the firm 

to release clarifying educational content, reducing customer uncertainty and preventing potential 

reputational damage. 
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Another significant application of AI-driven social listening is in competitive intelligence. By 

monitoring sentiment around rival brands, service providers can identify areas where they can 

position themselves more effectively. If competitors consistently receive negative sentiment 

related to slow customer service response times, for instance, a company can emphasize its own 

speed and efficiency in promotional messaging, turning a competitor’s weakness into a 

differentiating strength. This approach not only strengthens competitive positioning but also aligns 

marketing messages with verified market needs. 

The integration of social listening into strategic decision-making brings multiple benefits. It 

enhances the customer experience by enabling timely responses to concerns, it strengthens brand 

identity by aligning communication with the values and priorities customers express, and it 

mitigates reputational risks by detecting negative sentiment early—before it escalates into a full-

blown crisis (Wilson et al., 2024). Furthermore, the real-time nature of AI-enabled social listening 

allows for agile marketing, where campaigns can be dynamically adjusted based on the audience’s 

immediate reactions. This adaptability is particularly valuable in industries such as hospitality, 

travel, and entertainment, where market sentiment can shift rapidly in response to news events or 

viral content. 

However, these capabilities also present challenges. One of the primary limitations lies in the 

interpretation of language, which is deeply shaped by cultural context, regional slang, and evolving 

online vernacular. Even advanced NLP systems can struggle to accurately detect sarcasm, irony, 

or layered meaning, leading to potential misclassification of sentiment. Another challenge stems 

from bias in training datasets, which can skew the analysis and perpetuate systemic inaccuracies 

in sentiment detection (Hari, 2025). Moreover, the collection and analysis of publicly available 

data raise ethical and legal concerns, particularly under data protection regulations such as the 

General Data Protection Regulation (GDPR). While social media content is often public, it may 

still contain personal information that requires careful handling to avoid breaches of privacy or 

regulatory non-compliance (Naz, 2025). 

Looking forward, the future of sentiment analysis is expected to expand beyond text into the realm 

of multimodal AI, which will combine textual, visual, and auditory data for a more holistic 

understanding of brand perception. For example, algorithms may soon be capable of analyzing 

facial expressions in customer-generated video reviews, detecting tonal shifts in audio 



28 

 

testimonials, or interpreting the visual symbolism embedded in shared images. These 

developments will provide service marketers with an even richer, multidimensional view of public 

sentiment, enabling them to craft strategies that are not only data-driven but also emotionally and 

culturally resonant (Kumar, 2024). 

In summary, AI-enabled social listening and sentiment analysis have evolved into indispensable 

tools for understanding and shaping brand perception in the service sector. By harnessing these 

technologies, organizations can anticipate customer needs, respond proactively to feedback, and 

refine their positioning in competitive markets. Yet, the full potential of these tools will only be 

realized if they are applied with cultural sensitivity, ethical responsibility, and a balance between 

technological automation and human judgment. In a business environment where brand reputation 

can be made or broken within hours, this combination of technological sophistication and strategic 

awareness will define the service leaders of the future. 

 

 

3.5 Ethical and Privacy Considerations in AI Marketing Applications 

As Artificial Intelligence (AI) becomes increasingly embedded in the practices of modern service 

marketing, ethical and privacy considerations have moved from being peripheral concerns to 

central strategic imperatives. The capabilities of AI—its ability to collect, process, and interpret 

massive amounts of customer data, automate decision-making, and personalize interactions at 

scale—also bring with them profound questions about fairness, transparency, accountability, and 

respect for individual rights (Hari, 2025). In an environment where the customer relationship is 

built on trust, especially in service sectors where offerings are intangible and loyalty is often driven 

by personal rapport, the mishandling of ethical or privacy issues can have consequences that extend 

far beyond reputational damage to include legal sanctions and long-term erosion of brand equity 

(Naz, 2025). 

One of the most pressing ethical concerns is data privacy. AI-driven marketing strategies rely 

heavily on the aggregation of personal data from various sources: transactional records, browsing 

histories, geolocation tracking, social media interactions, and even biometric indicators in certain 

applications. While this information fuels highly personalized and efficient marketing, it also raises 
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questions about the extent to which consumers are aware of, and consent to, such data collection. 

Regulations such as the European Union’s General Data Protection Regulation (GDPR) and the 

California Consumer Privacy Act (CCPA) have established legal frameworks for consent, data 

minimization, and the right to be forgotten. Yet, compliance is not merely a legal requirement; it 

is also a matter of ethical responsibility, as consumers increasingly expect brands to handle their 

data with care and to be transparent about how it is used (Kumar, 2024). 

Closely related to privacy is the challenge of algorithmic transparency and explainability. Many 

AI systems operate as "black boxes," producing outputs without offering a clear rationale for how 

decisions are made. In marketing contexts, this opacity can lead to situations where customers are 

targeted, excluded, or segmented based on factors that are unclear even to the marketers deploying 

the system. Lack of explainability undermines accountability and makes it difficult to detect and 

address harmful biases embedded in training data. For example, a recommendation engine in the 

hospitality sector might inadvertently favor higher-spending customers for upgrades or 

promotions, reinforcing economic inequality without the organization’s explicit intent. Similarly, 

a financial service provider’s predictive model could be skewed by historical lending data that 

underrepresents certain demographic groups, resulting in unfair targeting or exclusion (Hari, 

2025). 

Algorithmic bias presents another significant ethical challenge. AI models learn from historical 

data, which may contain implicit biases reflecting societal inequalities or organizational blind 

spots. In marketing, these biases can perpetuate stereotypes or produce discriminatory outcomes—

such as tailoring offers in ways that exclude vulnerable populations or reinforcing gendered 

assumptions in service recommendations. In addition to the reputational risks, such practices can 

have legal implications under anti-discrimination laws in many jurisdictions (Naz, 2025). 

Addressing bias requires active intervention at multiple stages of the AI lifecycle, from careful 

curation of training datasets to the implementation of fairness audits and regular model testing. 

A further ethical dimension involves over-personalization and the so-called “creepiness factor.” 

While customers may appreciate relevant and timely recommendations, there is a threshold beyond 

which personalization can feel intrusive or manipulative. For instance, a healthcare service sending 

highly specific wellness advice based on inferred personal health conditions could cause 

discomfort or anxiety, even if the information is accurate. Similarly, the use of predictive analytics 
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to anticipate highly sensitive life events—such as pregnancy or financial distress—can cross 

ethical boundaries if not handled with utmost discretion and explicit consent (Wilson, Johnson, & 

Brown, 2024). 

The commercialization of user data also raises difficult questions. Some organizations may be 

tempted to monetize customer data by selling it to third parties or using it for purposes beyond the 

original scope of collection. Such practices, if done without clear consent, can severely undermine 

customer trust and expose companies to regulatory penalties. In the long term, the erosion of trust 

can outweigh any short-term financial gains, as consumers increasingly prefer brands that 

prioritize ethical stewardship of their data (Kim, 2023). 

From a strategic perspective, embedding ethical and privacy considerations into AI marketing 

practices is not simply a matter of compliance—it is a driver of competitive advantage. Brands 

that commit to ethical AI governance—including transparent data policies, robust privacy 

protections, and fair algorithmic practices—can differentiate themselves in markets where trust is 

a scarce commodity. Implementing a human-in-the-loop model can serve as a safeguard, ensuring 

that AI-generated decisions are reviewed within the context of ethical norms and brand values. 

Additionally, adopting privacy-by-design principles ensures that protections are integrated into AI 

systems from the outset, rather than retrofitted as a reaction to regulatory pressure. 

Looking forward, ethical AI in marketing will likely be shaped by increasing regulatory scrutiny, 

greater consumer awareness, and the maturation of technical solutions aimed at mitigating bias 

and enhancing transparency. Emerging practices such as algorithmic explainability tools, bias 

detection frameworks, and synthetic data generation for model training are poised to become 

standard components of responsible AI development. Ultimately, the brands that will thrive in this 

new environment are those that view ethics and privacy not as constraints but as integral to the 

value proposition—building customer relationships founded on trust, respect, and mutual benefit 

(Naz, 2025). 

In summary, while AI offers transformative potential for service marketing, its power must be 

matched by a corresponding commitment to ethical responsibility and privacy protection. 

Navigating this terrain requires both technical and cultural shifts: technical, in terms of designing 

fair, transparent, and privacy-preserving systems; and cultural, in terms of embedding ethical 

thinking into every stage of marketing strategy. In an age where customer trust can be lost far more 
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quickly than it is earned, aligning AI marketing practices with ethical and privacy standards is not 

merely advisable, it is essential for long-term success. 

 

 

Chapter 4: Strategies to Strengthen the Brand 

4.1 Automated Campaigns Based on Customer Profile and Behavior 

The evolution of marketing automation (MA) has shifted from static scheduling to dynamic, AI-

driven orchestration of campaigns, enabling real-time responses to customer actions and 

preferences. By leveraging customer profile data—demographics, purchase history, online 

interactions—and behavioral analytics, organizations can design targeted campaigns that adapt to 

each customer’s lifecycle stage (Mero et al., 2022). These systems draw on predictive analytics to 

anticipate needs and select the most relevant offers or content, increasing engagement and 

conversion rates (Kumar et al., 2024). 

Modern MA platforms integrate machine learning algorithms capable of segmenting customers at 

a granular level, using inputs such as transaction frequency, website navigation patterns, and cross-

channel activity (Hossain et al., 2022). Contextual bandit frameworks have been applied to 

continuously balance exploration (testing new offers) with exploitation (recommending known 

high-performing actions), thus optimizing ad targeting in environments with incomplete data (Ye 

et al., 2023). Similarly, reinforcement learning techniques can autonomously determine next-best-

actions for customer acquisition, providing explainable reasoning that enhances managerial trust 

(Jain et al., 2024). 

 

4.1.1 AI-Driven Marketing Automation as Adaptive Capability 

Beyond efficiency gains, AI-driven marketing automation can be conceptualized as an adaptive 

organizational capability that enables continuous alignment between customer behavior and brand 

action. By integrating predictive analytics with reinforcement learning mechanisms, automated 

systems allow firms to iteratively refine campaign logic based on observed outcomes rather than 

predefined rules. This adaptive orientation marks a departure from traditional automation 
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paradigms, positioning AI-enabled campaigns as dynamic systems capable of learning from 

market feedback (Hossain et al., 2022). 

Such adaptability is particularly relevant in service contexts, where customer needs and 

expectations evolve rapidly. Rather than executing static journeys, AI-driven automation enables 

firms to respond to micro-level behavioral signals—such as hesitation, disengagement, or renewed 

interest—with tailored interventions. Over time, these micro-adjustments accumulate into more 

coherent and responsive brand experiences, strengthening perceived customer orientation and 

competence (Mero et al., 2022). 

Importantly, adaptive automation also reduces strategic rigidity. As algorithms continuously test 

and update decision rules, organizations are less dependent on periodic campaign redesigns and 

manual segmentation updates. This flexibility enhances the firm’s capacity to remain relevant 

across heterogeneous customer segments without sacrificing consistency in brand messaging. 

Personalization within automated campaigns extends beyond content to timing and channel 

selection. Evidence from large-scale email marketing studies indicates that personalization 

effectiveness varies depending on message relevance, brand familiarity, and prior engagement 

history (Nobile & Cantoni, 2023). Marketing accountability frameworks further emphasize the 

need for clear ROI measurement, tying automation outputs to business outcomes such as sales 

uplift, retention rates, and customer lifetime value (Silva et al., 2023). These metrics are essential 

not only for justifying automation investments but also for iteratively refining campaign rules and 

audience triggers. 

4.1.2 Personalization Logic, Timing, and Performance Accountability 

While performance accountability is often framed in financial terms, its strategic relevance extends 

to the governance of brand behavior in automated environments. Metrics such as conversion rates, 

retention, and customer lifetime value not only assess economic outcomes but also serve as 

indicators of whether automated interactions align with brand promises. When interpreted through 

a branding lens, these measures provide insight into the consistency and credibility of AI-mediated 

brand actions (Silva et al., 2023). 

This perspective highlights the dual role of accountability frameworks: they support both 

optimization and control. On the one hand, performance data enable continuous refinement of 
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campaign rules and targeting logic. On the other, they allow managers to monitor whether 

automation practices reinforce or undermine long-term brand equity. Davenport et al. (2020) 

caution that without such oversight, AI systems may optimize for short-term gains at the expense 

of relational quality, leading to erosion of trust and brand meaning. 

Therefore, effective marketing automation requires governance structures that integrate 

performance metrics with brand strategy. By embedding brand-related objectives into automation 

dashboards and decision rules, firms ensure that AI-driven efficiency gains contribute to 

sustainable brand strength rather than opportunistic exploitation. 

In practice, automated campaigns informed by behavioral data allow brands to react to customer 

intent signals within seconds—abandoning a one-size-fits-all approach in favor of individualized 

micro-interventions. This responsiveness creates a foundation for more immersive and continuous 

engagement strategies, which is the central focus of the next section on creating personalized 

customer experiences across digital channels. 

In service-dominant markets, automated marketing campaigns increasingly operate as strategic 

instruments for brand reinforcement rather than as mere efficiency tools. Automation supported 

by artificial intelligence enables firms to translate customer data into timely, relevant, and 

consistent brand interactions, which are critical for strengthening corporate identity in 

environments characterized by frequent and intangible service encounters. As Huang and Rust 

(2021) emphasize, AI-driven marketing systems move beyond task automation toward strategic 

augmentation, allowing firms to align operational decisions with broader branding objectives. 

Customer profiles used in automated campaigns typically integrate demographic information, 

behavioral data, transaction histories, and interaction patterns across touchpoints. When these data 

inputs are orchestrated through machine-learning models, automation systems can dynamically 

adjust message content, timing, and channel selection. Wedel and Kannan (2016) note that such 

data-rich marketing environments enable firms to replace static segmentation with adaptive 

targeting, thereby increasing the perceived relevance of brand communications. Relevance, in turn, 

functions as a key signal of brand competence and customer orientation in service contexts. 

However, the branding impact of automation depends on strategic governance. Davenport et al. 

(2020) argue that AI-driven decisions must be guided by managerial intent, as algorithmic 

optimization focused solely on short-term performance metrics may conflict with long-term brand 
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positioning. For instance, excessive message frequency or overly aggressive retargeting may 

increase immediate conversion rates while simultaneously eroding trust and perceived brand 

integrity. Consequently, automated campaigns contribute positively to brand strength only when 

their logic reflects the firm’s identity values and relational stance toward customers. 

 

4.1.3 Automation as Brand Governance Mechanism 

From a corporate identity perspective, automated campaigns play a critical role in enacting identity 

at scale. In service markets characterized by frequent and intangible interactions, customers infer 

brand qualities from repeated micro-experiences rather than isolated communications. AI-enabled 

automation supports this process by ensuring that brand values are consistently reflected across 

touchpoints, reducing variability that may arise from manual execution (Balmer, 2017). 

Consistency achieved through automation does not imply uniformity. Rather, it allows for 

individualized expressions of a coherent identity, where personalization operates within defined 

brand boundaries. This balance between flexibility and stability is central to identity-based brand 

management, as it enables firms to adapt to diverse customer needs while maintaining a 

recognizable and trustworthy brand presence. 

 

4.2 Creating Personalized Customer Experiences Across Digital Channels 

Personalization across digital channels has emerged as a central differentiator in contemporary 

service marketing, as consumers increasingly expect brands to recognize and respond to their 

unique preferences. Artificial intelligence facilitates the integration of customer data from 

disparate touchpoints—websites, mobile apps, social media, and physical stores—into a unified 

profile, enabling consistent and contextually relevant interactions (Calvo et al., 2023). In 

omnichannel environments, personalization intensity has been shown to enhance perceived 

shopping value and satisfaction, provided that it does not cross thresholds where customers 

perceive it as intrusive (Weippert et al., 2024). 

From a strategic perspective, personalization across digital channels functions as a mechanism of 

experience integration rather than isolated customization. In omnichannel service environments, 

customers do not distinguish between digital interfaces, platforms, or physical encounters; instead, 
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they evaluate brands based on the coherence and continuity of their experiences over time. 

Artificial intelligence enables this integration by synchronizing data flows and decision rules 

across channels, ensuring that personalization logic remains consistent even as interaction contexts 

change (Verhoef et al., 2015). 

This integrative role is particularly important in service-dominant markets, where value is realized 

through use and interaction rather than product ownership. AI-driven personalization allows firms 

to adapt experiences dynamically, responding to contextual cues such as location, timing, and prior 

engagement history. By doing so, organizations reduce friction within the customer journey and 

enhance perceived ease, relevance, and responsiveness—key drivers of satisfaction and loyalty 

(Calvo et al., 2023). 

Moreover, experience integration supports strategic differentiation. While many firms adopt 

personalization technologies, fewer succeed in orchestrating them across channels in a way that 

feels seamless and intentional. Firms that achieve such orchestration signal operational maturity 

and customer centricity, reinforcing their brand positioning in competitive service markets. 

AI-driven omnichannel systems employ advanced recommendation engines and predictive 

modeling to anticipate customer needs and deliver tailored content or offers at optimal moments 

(Rahman et al., 2025). This approach is complemented by interface personalization, adaptive 

pricing, and channel-specific incentives that encourage engagement across multiple platforms 

(Thaichon et al., 2024). Effective personalization also requires harmonizing online and offline 

experiences, ensuring that customer journeys remain seamless even when moving between 

channels (Weidig et al., 2024). 

 

AI-driven personalization also reflects the development of higher-order organizational capabilities. 

By embedding predictive analytics and recommendation engines into digital channels, firms 

enhance their ability to sense customer needs and seize opportunities for engagement in real time. 

This capability aligns with the dynamic capability framework, which emphasizes the importance 

of continuously reconfiguring resources to address changing environments (Teece, 2018). 

Importantly, personalization at scale requires organizational coordination across marketing, IT, 

data governance, and service functions. The effectiveness of AI-driven personalization therefore 
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depends not only on algorithmic accuracy but also on the firm’s capacity to align processes and 

decision rights across departments. Without such alignment, personalization efforts may become 

fragmented, leading to inconsistent experiences that undermine brand coherence (Lemon & 

Verhoef, 2016). 

As a result, personalization should be treated as a strategic capability rather than a standalone 

marketing initiative. Firms that institutionalize personalization through shared data infrastructures, 

governance frameworks, and cross-functional collaboration are better positioned to sustain its 

benefits over time. 

However, personalization must balance accuracy with transparency. Over-personalization or 

unexplained recommendations may trigger privacy concerns, undermining trust (McKee & 

Nugraha, 2024). Brands that adopt clear communication about data usage and provide opt-out 

options tend to maintain stronger relationships. Furthermore, cross-channel personalization 

strategies are more effective when they enable customer co-creation, allowing individuals to shape 

their experiences through customizable preferences or feedback loops. 

The effectiveness of personalization is ultimately contingent on customer perceptions of trust and 

control. While AI enables highly accurate predictions, customers may respond negatively if 

personalization practices are perceived as intrusive or manipulative. McKee and Nugraha (2024) 

demonstrate that transparency regarding data usage and personalization logic mitigates privacy 

concerns and enhances acceptance, particularly in service contexts involving sensitive 

information. 

This trade-off highlights the strategic importance of restraint in personalization design. Rather than 

maximizing personalization intensity, firms must calibrate personalization depth to align with 

customer expectations and brand values. Weippert et al. (2024) argue that perceived fairness and 

autonomy significantly influence customer responses to personalized experiences, suggesting that 

trust-preserving personalization may be more valuable than hyper-targeting. 

From a branding perspective, transparency and customer agency reinforce relational norms 

associated with trust-based brand identities. When customers feel respected and informed, 

personalization contributes to long-term relationship quality rather than short-term persuasion. 
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By connecting personalization to a consistent brand voice across touchpoints, organizations create 

a sense of continuity that strengthens brand equity. This narrative continuity forms the bridge to 

the next section, which examines how storytelling, enriched by data and AI-generated content, 

amplifies brand resonance. 

 

4.2.1 Omnichannel personalization as an extension of corporate identity 

Personalization has become a defining expectation in digital service environments, yet its strategic 

relevance extends beyond customized content delivery. In omnichannel contexts, personalization 

functions as an extension of corporate identity, shaping how customers interpret the brand’s values, 

intentions, and level of customer orientation. Verhoef, Kannan, and Inman (2015) argue that 

omnichannel strategies require the integration of customer touchpoints into a unified experience, 

as customers no longer evaluate channels in isolation but form holistic judgments based on their 

entire journey. 

AI-driven personalization enables this integration by consolidating data from online platforms, 

mobile applications, physical service encounters, and automated interfaces. By leveraging such 

integrated data, firms can deliver coherent personalized experiences that reinforce identity 

consistency across channels. Lemon and Verhoef (2016) highlight that customer experience 

emerges from cumulative interactions over time, implying that inconsistencies in personalization 

logic may disrupt perceived brand coherence even when individual interactions perform well. 

From a corporate identity perspective, omnichannel personalization should be understood not 

merely as an effort to improve customer convenience, but as a mechanism through which 

organizational identity is enacted in practice. Corporate identity encompasses a firm’s core values, 

culture, and strategic intent, which are communicated not only through formal branding messages 

but also through consistent patterns of behavior and interaction (Balmer, 2017). In this sense, 

personalized omnichannel experiences function as lived expressions of identity, shaping how 

customers interpret what the brand stands for. 

Artificial intelligence enables this enactment by translating abstract identity elements into concrete 

interaction rules across channels. Decisions regarding tone of voice, responsiveness, 

personalization depth, and service recovery are embedded within AI systems and repeatedly 
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performed through customer interactions. Over time, these repeated enactments create stable 

identity perceptions, as customers infer brand character from how the organization behaves rather 

than from what it claims. 

This perspective extends traditional views of identity management by highlighting the operational 

dimension of identity. Rather than residing solely in communication departments or brand 

guidelines, identity becomes distributed across digital infrastructures and decision algorithms, 

reinforcing the need for strategic coherence between technological design and identity intent. 

Importantly, personalization communicates symbolic meaning. When a service brand personalizes 

interactions in ways that reflect its positioning—for example, emphasizing clarity and reassurance 

in financial services or discovery and novelty in entertainment—it reinforces identity claims 

through experience rather than communication alone. Keller (2013) emphasizes that strong brands 

are built when customers repeatedly experience brand promises being enacted, a process that AI-

enabled personalization can support at scale when strategically aligned. 

Personalization also functions as a powerful identity signal in competitive service markets. The 

manner in which a firm personalizes—what it chooses to personalize, how deeply, and under what 

conditions—communicates implicit messages about its priorities and values. For example, brands 

that emphasize reassurance and clarity through personalization signal reliability and care, whereas 

brands that foreground discovery and experimentation communicate innovation and dynamism. 

These identity signals contribute to differentiation by shaping customer expectations and 

interpretations. Keller (2013) argues that strong brands are distinguished not only by functional 

attributes but also by the meanings customers associate with them. AI-enabled omnichannel 

personalization reinforces such meanings by embedding them consistently across interactions, 

reducing ambiguity and enhancing memorability. 

Importantly, differentiation through personalization is difficult to imitate when it is grounded in 

organizational identity rather than superficial customization. While competitors may replicate 

technologies, replicating the specific alignment between personalization logic and identity 

positioning requires deep organizational understanding and cultural alignment, creating barriers to 

imitation. 
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However, enacting corporate identity through omnichannel personalization also entails strategic 

boundaries. Identity-driven personalization requires selectivity rather than maximal data 

exploitation. When personalization practices exceed what is congruent with brand values or 

customer expectations, they may generate identity dissonance, undermining trust and credibility. 

This risk underscores the importance of aligning personalization intensity with identity 

commitments, a theme explored further in the following subsection on perceived relevance, 

intrusiveness, and trust. 

4.2.2 Perceived relevance, intrusiveness, and trust in Personalized experiences 

While personalization enhances customer experience when executed effectively, its impact on 

brand strength is contingent on customer perceptions of relevance and intrusiveness. Bleier and 

Eisenbeiss (2015) demonstrate that personalized interactions generate positive responses only 

when customers perceive that personalization efforts respect implicit privacy boundaries and 

provide genuine value. When these conditions are not met, personalization may trigger skepticism 

and reduce trust. 

Customer responses to personalized experiences are shaped not by personalization intensity per 

se, but by how personalization efforts are cognitively and emotionally interpreted. Perceived 

relevance refers to the extent to which personalized content is seen as useful, timely, and aligned 

with individual needs, whereas perceived intrusiveness captures feelings of surveillance, 

manipulation, or loss of autonomy. These perceptions coexist and interact, determining whether 

personalization enhances or undermines customer trust (Bleier & Eisenbeiss, 2015). 

Artificial intelligence intensifies this interpretive process by increasing both the accuracy and 

opacity of personalization mechanisms. While AI enables highly precise targeting, customers may 

struggle to understand how recommendations are generated, creating uncertainty. This uncertainty 

can amplify perceptions of intrusiveness, particularly in service contexts where relationships are 

ongoing and data exchanges are frequent. As a result, relevance alone is insufficient to ensure 

positive outcomes; personalization must also be perceived as legitimate and respectful. 

This interpretive lens underscores that personalization effectiveness is socially constructed rather 

than technologically determined. Customers actively evaluate personalization practices in light of 

prior brand experiences, expectations, and relational norms, reinforcing the importance of 

consistency between personalization logic and brand identity. 
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Trust plays a particularly critical role in service industries, where customers often share sensitive 

information and rely on ongoing relationships. According to Keller (2013), trust constitutes a core 

component of brand equity, influencing both attitudinal loyalty and behavioral commitment. AI-

driven personalization that lacks transparency may undermine this trust by creating uncertainty 

about how customer data are collected and used. As Wedel and Kannan (2016) observe, advanced 

analytics increase both the power and the responsibility of firms to manage customer data ethically. 

Trust occupies a central mediating role in the relationship between personalization and brand 

outcomes. Rather than functioning solely as an attitudinal consequence of positive experiences, 

trust shapes how customers interpret and respond to AI-driven interactions. When trust is high, 

customers are more likely to attribute benevolent intentions to personalization efforts, interpreting 

them as signals of care and competence. Conversely, in low-trust contexts, similar personalization 

practices may be perceived as intrusive or opportunistic. 

From a branding perspective, trust contributes to the stabilization of meaning. Keller (2013) 

emphasizes that trust strengthens brand equity by reducing perceived risk and enhancing relational 

commitment. In AI-mediated environments, trust also mitigates the psychological costs associated 

with data sharing and automation, enabling customers to engage more openly with personalized 

services. 

Therefore, trust should be conceptualized as a strategic resource that conditions the effectiveness 

of personalization. Firms that invest in trust-building practices—such as transparency, consistency, 

and ethical data use—expand the range of personalization strategies that customers perceive as 

acceptable, reinforcing long-term brand relationships. 

From an identity standpoint, tolerance for personalization varies by brand positioning. Brands 

emphasizing care, responsibility, or long-term relationships face narrower margins for intrusive 

personalization than brands positioned as innovative or entertainment-oriented. Therefore, 

effective personalization requires strategic restraint rather than maximization. By calibrating 

personalization intensity to brand values, firms preserve identity coherence while maintaining 

customer confidence in AI-mediated interactions. 

Taken together, these dynamics highlight the strategic limits of personalization in AI-mediated 

service contexts. Effective personalization is not achieved by maximizing data use or algorithmic 

sophistication, but by calibrating personalization depth to align with customer expectations and 
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brand identity. Strategic restraint, rather than technological maximization, emerges as a key 

determinant of trust and brand strength. 

This perspective reframes personalization as a relational strategy rather than a purely technical 

capability. By respecting boundaries and reinforcing trust, firms create the conditions under which 

personalization contributes to sustainable brand equity, setting the stage for storytelling practices 

that leverage data without compromising authenticity. 

 

4.3 Storytelling Using Data and AI-generated Content 

Storytelling has long been central to branding, yet AI has transformed both its scale and strategic 

role. In contemporary service marketing, data-driven storytelling allows firms to convert customer 

insights into narratives that resonate with individual audiences while maintaining a consistent 

brand voice. Davenport et al. (2020) argue that AI enables firms to operationalize storytelling by 

linking analytics to creative execution, thereby embedding insight directly into brand 

communication. 

From a strategic branding perspective, storytelling functions as a sensemaking mechanism through 

which brands organize and communicate meaning. Rather than merely conveying information, 

brand narratives help customers interpret experiences, reduce ambiguity, and construct coherent 

understandings of what a brand represents. In service contexts, where value is often intangible and 

experiential, storytelling becomes particularly important for stabilizing meaning across diverse 

and evolving touchpoints (Keller, 2013). 

Artificial intelligence reshapes this sensemaking process by introducing data as a core narrative 

input. Customer behavior, sentiment analysis, and engagement patterns inform not only what 

stories are told but also how they are framed and adapted over time. This data-infused storytelling 

allows brands to remain responsive to audience expectations while maintaining overarching 

narrative coherence. However, responsiveness alone does not guarantee meaningful storytelling; 

strategic intent remains essential for guiding narrative direction. 

In this sense, AI augments storytelling by expanding its adaptive capacity, but it does not replace 

the interpretive role of human brand stewards. Without strategic oversight, data-driven narratives 
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risk becoming fragmented or overly optimized for short-term engagement, undermining their 

capacity to build long-term brand meaning. 

Unlike traditional campaign narratives, AI-supported storytelling is adaptive. Customer responses 

continuously inform narrative elements such as tone, framing, and emphasis, enabling brands to 

remain relevant in dynamic environments. Lemon and Verhoef (2016) note that such adaptability 

enhances customer experience by aligning brand communication with evolving expectations 

across the journey. When executed coherently, adaptive storytelling strengthens brand meaning by 

reinforcing thematic consistency rather than rigid message repetition. 

AI-enabled storytelling contributes to experience continuity by aligning narrative elements with 

customer journey stages and interaction contexts. As customers move across channels and 

touchpoints, adaptive narratives can reinforce consistent themes while adjusting tone and emphasis 

to situational needs. This continuity supports identity coherence, ensuring that personalized 

messages do not drift away from the brand’s core meaning (Lemon & Verhoef, 2016). 

From an identity perspective, storytelling serves as a symbolic glue that connects individualized 

experiences to a shared brand narrative. Even when content varies across audiences, recurring 

narrative motifs—such as trust, innovation, or care—anchor personalization within a stable 

identity framework. This anchoring is essential in AI-mediated environments, where excessive 

variation may otherwise dilute symbolic associations. 

Thus, storytelling operates at the intersection of personalization and identity, translating data-

driven insights into emotionally resonant and strategically aligned narratives. 

Nevertheless, the strategic value of AI-driven storytelling depends on human oversight. Keller 

(2013) emphasizes that brand meaning must be actively managed, as uncontrolled variation risks 

diluting symbolic associations. Consequently, AI should be positioned as a support system that 

enhances narrative relevance while leaving strategic control of brand meaning in human hands. 

Also, storytelling in marketing has evolved from purely creative narratives to data-informed and 

AI-augmented formats capable of tailoring content for specific audiences. Generative AI enables 

marketers to translate complex datasets—such as customer trends, sentiment analysis, and 

behavioral patterns—into compelling narratives that align with brand identity (Grewal et al., 
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2025). These narratives can be adapted in tone, format, and delivery channel in real-time, creating 

a more immersive experience for the consumer (Cillo & Rubera, 2025). 

The strategic value of AI-generated storytelling lies in hybrid models of human–AI co-creation. 

Generative AI excels at processing large datasets, identifying narrative patterns, and producing 

scalable content variations. Human marketers, by contrast, retain responsibility for interpretive 

judgment, ethical sensitivity, and alignment with brand values. Effective storytelling strategies 

therefore emerge from collaboration rather than substitution (Davenport et al., 2020). 

Hybrid storytelling models allow firms to benefit from AI-driven efficiency while preserving 

narrative authenticity. By positioning AI as a creative assistant rather than an autonomous narrator, 

organizations maintain control over symbolic meaning and avoid the risks associated with 

unchecked automation. This balance is particularly important in service brands, where trust and 

relational depth are central to brand equity. 

Moreover, hybrid models also support organizational learning. Insights generated through AI-

assisted storytelling can inform future narrative strategies, enabling continuous refinement without 

sacrificing identity coherence. 

While AI-generated storytelling offers efficiency and scalability, it raises concerns regarding 

authenticity. Research shows that disclosure of AI authorship can significantly influence consumer 

perceptions, with some audiences viewing such content as less trustworthy (Kirk & Givi, 2025). 

Similar studies indicate that overreliance on generative AI for social media content may diminish 

perceived brand authenticity if not balanced with human oversight (Brüns et al., 2024). Therefore, 

effective strategies often involve hybrid approaches where AI handles data processing and draft 

creation, while human marketers refine messaging to align with brand ethos. 

Visual storytelling, in particular, benefits from AI’s ability to synthesize vast image datasets to 

generate on-brand visuals, infographics, or interactive media (Nikulina et al., 2024). When 

combined with narrative transportation principles, these stories have been found to deepen 

emotional engagement, increasing message retention and influencing purchase decisions (Thomas 

et al., 2024). However, brands must carefully monitor ethical boundaries, ensuring that AI-

generated elements are truthful, respectful, and culturally sensitive. 
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Integrating AI into storytelling workflows, companies can generate relevant, emotionally resonant 

content at scale. This strategic capability connects directly to the broader challenge of embedding 

AI within established branding frameworks, discussed in the following section. 

By aligning personalization logic with a consistent brand narrative, organizations transform 

individualized interactions into components of a coherent brand story. Each personalized 

touchpoint reinforces narrative themes related to competence, care, innovation, or reliability, 

depending on the brand’s positioning. Keller (2013) emphasizes that brand equity is built through 

repeated confirmation of brand promises, a process that AI-driven personalization can support 

when strategically aligned. 

This narrative continuity provides a natural bridge to data-driven storytelling. As personalization 

determines what content is delivered and when, storytelling defines how meaning is constructed 

and communicated. Together, these capabilities enable brands to create immersive experiences that 

are both individually relevant and symbolically consistent, setting the stage for the discussion of 

AI-enabled storytelling strategies in the following section. 

 

4.4 Integration of AI Strategies into Branding Frameworks 

As AI becomes embedded in service interfaces, customer-facing technologies increasingly 

function as identity signals rather than neutral tools. Chatbots, recommendation systems, and 

automated service flows shape perceptions of brand personality, competence, and relational 

orientation through repeated interactions. Lu et al. (2020) show that customers attribute human-

like characteristics to automated service agents, interpreting their behavior as representative of the 

organization itself. 

As artificial intelligence becomes embedded in customer-facing technologies, branding can no 

longer be confined to communication outputs or visual identity systems. AI-enabled interfaces 

actively participate in brand construction by shaping interaction patterns, response logic, and 

relational cues. From this perspective, AI touchpoints constitute integral components of the brand 

architecture, contributing to how identity is experienced and interpreted over time (Balmer, 2017). 

Customers do not differentiate between “human” and “automated” brand actions; rather, they 

attribute responsibility and intent to the organization as a whole. Consequently, inconsistencies in 
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AI-mediated interactions may be perceived as brand failures rather than technical issues. This 

attribution underscores the need for firms to integrate AI systems within established branding 

frameworks, ensuring that automated decisions align with brand values, tone, and service 

philosophy. 

Integration, therefore, implies that branding frameworks extend beyond guidelines for messaging 

and design to encompass algorithmic behavior. Decisions about response speed, personalization 

depth, escalation thresholds, and conversational style become branding decisions, reinforcing the 

strategic importance of AI governance within brand management. 

 

This attribution has important implications for corporate identity. When AI-enabled touchpoints 

demonstrate responsiveness, clarity, and reliability, they reinforce identity claims related to 

professionalism and customer centricity. Conversely, poorly designed interactions may create 

identity dissonance, particularly in service industries where expectations of empathy and support 

are high. Gursoy et al. (2019) emphasize that customer acceptance of AI in services depends on 

perceived usefulness and trust, both of which are closely linked to brand reputation. 

Customer acceptance of AI-enabled service systems is closely linked to perceptions of brand 

legitimacy. Legitimacy arises when organizational actions are perceived as appropriate, 

trustworthy, and consistent with social norms and expectations. In service contexts, AI systems 

that demonstrate reliability, fairness, and responsiveness reinforce brand legitimacy by reducing 

uncertainty and perceived risk (Gursoy et al., 2019). 

Conversely, poorly integrated AI applications may undermine legitimacy by creating perceptions 

of impersonality, opacity, or misaligned priorities. When automated interactions conflict with 

brand promises—such as care, transparency, or human-centeredness—customers may reassess the 

credibility of the brand as a whole. This dynamic highlights that AI integration is not value-neutral 

but deeply intertwined with brand evaluation processes. 

Therefore, branding frameworks must explicitly incorporate criteria for AI legitimacy, guiding 

design choices that balance efficiency with relational expectations. By doing so, firms can ensure 

that AI adoption strengthens rather than weakens brand trust. 
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From a strategic perspective, firms must therefore design AI systems as extensions of their identity 

framework. Aligning conversational tone, decision logic, and escalation protocols with brand 

values ensures that AI touchpoints consistently enact the brand promise, supporting long-term 

brand strength rather than isolated efficiency gains. 

The integration of AI strategies into branding requires a structured approach that aligns 

technological capabilities with the brand’s long-term positioning. Strategic models such as Huang 

and Rust’s (2021) AI marketing framework suggest categorizing AI applications according to their 

role—automation, augmentation, or innovation—and mapping these to branding objectives. This 

ensures that AI initiatives are not standalone experiments but are embedded within the brand’s 

value proposition and identity. 

AI-enabled relationship marketing capabilities, such as predictive engagement triggers and 

conversational agents, can enhance brand equity by reinforcing emotional and functional 

associations (Roy et al., 2025). Advanced analytics also allow brands to measure digital brand 

equity through AI-enhanced performance indicators, capturing both customer perceptions and 

behavioral responses (France et al., 2025). Emerging approaches, such as computer vision applied 

to brand assets, further expand the toolkit for evaluating and optimizing brand expression (Li et 

al., 2025). 

Measurement systems play a crucial role in sustaining the integration of AI strategies into branding 

frameworks. AI-enabled analytics allow firms to capture both behavioral and perceptual indicators 

of brand performance, linking interaction data with brand-related outcomes such as trust, 

engagement, and loyalty (France et al., 2025). When integrated into branding dashboards, these 

metrics provide continuous feedback on whether AI-driven initiatives reinforce or dilute brand 

identity. 

This feedback supports adaptive brand management. Rather than relying on periodic brand audits, 

organizations can monitor brand enactment in real time, identifying inconsistencies or emerging 

risks early. Such monitoring enables timely corrective action, preserving brand coherence in 

dynamic service environments. 

However, measurement must be guided by strategic intent. Without a clear understanding of brand 

objectives, analytics may incentivize narrow optimization at the expense of symbolic consistency. 
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Therefore, effective integration requires that measurement frameworks reflect both performance 

efficiency and identity alignment. 

Consumer engagement is amplified when AI applications are designed as interactive brand 

touchpoints, such as gamified experiences, virtual advisors, or adaptive loyalty programs 

(Hollebeek et al., 2024). These tools contribute to dynamic brand building by continuously 

adjusting to market changes and consumer feedback, embodying the sensing–seizing–

transforming capabilities described in dynamic capability theory (Hossain et al., 2022). 

Integrating AI into branding is not merely about adopting new tools—it is about embedding data-

driven adaptability into the brand’s DNA. With such integration, organizations are better 

positioned to sustain differentiation and long-term loyalty, reinforcing the cumulative strategies 

outlined in this chapter. 

 

4.5 Measuring Brand Strength in AI-Mediated Service Contexts 

Traditional brand metrics such as awareness or recall provide limited insight into brand 

performance in AI-mediated service environments. As customer experiences become increasingly 

personalized and interactive, scholars argue for measurement frameworks that capture engagement 

quality, experiential consistency, and relational depth. Keller (2013) suggests that brand equity 

should be assessed through customer responses to brand actions, a principle that aligns well with 

AI-driven analytics. 

In AI-mediated service environments, brand strength is increasingly expressed through enactment 

rather than representation. Traditional metrics such as awareness and recall capture whether a 

brand is known, but they offer limited insight into how the brand is experienced through automated 

and personalized interactions. As customer engagement becomes continuous and interaction-

based, brand strength must be evaluated through indicators that reflect behavioral consistency, 

experiential coherence, and relational depth. 

Artificial intelligence enables this shift by capturing fine-grained data on how customers interact 

with brands across touchpoints. Metrics such as response latency, interaction continuity, 

personalization acceptance, and service recovery effectiveness provide insight into how brand 

identity is operationalized in practice. These indicators reflect whether AI-enabled systems enact 
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brand promises consistently, a critical determinant of brand strength in service-dominant contexts 

(Wedel & Kannan, 2016). 

This enactment-based view aligns with Keller’s (2013) argument that brand equity is built through 

customer responses to brand actions. In AI-mediated environments, these actions are increasingly 

automated, reinforcing the need for measurement frameworks that capture how algorithms perform 

brand behavior. 

AI systems enable continuous monitoring of interaction patterns, allowing firms to evaluate how 

brand identity is enacted across automated and human touchpoints. Metrics such as interaction 

duration, repeat engagement, and journey completion offer insight into the strength of customer–

brand relationships in personalized service contexts (Wedel & Kannan, 2016). When interpreted 

through a branding lens, these indicators reveal whether AI-enabled strategies reinforce trust, 

relevance, and identity coherence. 

AI-driven analytics allow firms to evaluate not only the frequency of interactions but also their 

qualitative characteristics. Interaction duration, conversational depth, and journey completion rates 

provide insight into whether customers find AI-mediated experiences meaningful and engaging. 

When interpreted through a branding lens, these metrics indicate the extent to which personalized 

services reinforce trust, relevance, and identity coherence. 

Experience consistency across channels represents another critical dimension of brand strength. 

AI systems that deliver coherent responses and personalization logic across touchpoints reduce 

cognitive effort for customers and enhance perceived reliability. Variability in automated behavior, 

by contrast, may signal organizational fragmentation, weakening brand clarity. Therefore, 

consistency metrics—such as alignment of recommendations across channels or stability of service 

tone—serve as proxies for identity coherence in AI-mediated branding. 

Critically, measurement should be linked to strategic intent. Rather than treating analytics as purely 

operational tools, firms must integrate brand-related indicators into performance dashboards, 

ensuring that AI-driven optimization supports corporate identity objectives. This alignment 

enables organizations to assess not only whether AI improves short-term performance, but whether 

it contributes to sustainable brand strength in service markets. 
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Chapter 5: Strategies for Gaining a Competitive Advantage 

5.1 Real-Time Market and Competition Data Analysis 

The ability to capture and analyze market and competition data in real time has become a 

cornerstone of competitive advantage in the era of artificial intelligence. Traditional marketing 

intelligence approaches relied on periodic reports and delayed insights, often failing to capture the 

dynamic and fast-changing nature of consumer behavior and competitor strategies. By contrast, 

AI-enabled marketing analytics now provide firms with the tools to continuously monitor the 

market, integrate diverse data streams, and generate actionable insights almost instantaneously 

(Zeng et al., 2022). This capacity is particularly relevant in highly competitive industries, where 

rapid adaptation to shifting customer preferences or competitor moves can determine the difference 

between gaining or losing market share. 

The strategic significance of real-time market and competition data analysis extends beyond 

operational responsiveness and enters the domain of strategic sensing. In dynamic and highly 

competitive environments, firms are no longer challenged merely by information scarcity, but by 

their capacity to interpret and act upon continuous data flows. Artificial intelligence transforms 

market intelligence from a retrospective function into an ongoing strategic process, enabling 

organizations to identify emerging trends, weak signals, and latent shifts in consumer expectations 

before they become fully observable (Teece, 2018). 

Real-time analytics enhance the firm’s sensing capability by integrating heterogeneous data 

sources—such as transactional data, social media discourse, search behavior, and competitor 

communications—into unified analytical frameworks. This integration allows marketing teams to 

detect subtle changes in market sentiment and competitive positioning that would remain invisible 

through traditional periodic reporting systems (Zeng et al., 2022). As a result, strategic decision-

making becomes increasingly evidence-based and forward-looking, reducing reliance on 

managerial intuition alone. 

Importantly, the value of real-time market intelligence is not derived solely from speed. While 

rapid access to information is a necessary condition, it is insufficient for sustainable competitive 

advantage. Chatterjee et al. (2023) emphasize that firms must develop interpretive mechanisms 

and decision protocols that translate real-time data into coherent strategic actions. Without such 
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mechanisms, organizations risk information overload or fragmented decision-making, 

undermining the strategic potential of AI-enabled analytics. 

 

Recent studies have highlighted the role of marketing analytics capability as a mediator between 

AI adoption and firm performance. For example, research in the manufacturing sector shows that 

firms which integrate AI-based market sensing into their operations are better positioned to seize 

opportunities and reconfigure strategies, thus building sustainable competitive advantage (Wamba 

et al., 2021). Similarly, the development of explainable AI systems, such as SOMONITOR, 

demonstrates how real-time analysis of competitor content and consumer sentiment can produce 

granular insights into audience preferences and competitor positioning (Zhang et al., 2024). These 

insights go beyond descriptive analytics and provide prescriptive recommendations for campaign 

design, messaging, and positioning, allowing marketers to move from reactive to proactive 

strategic behaviors. 

From a dynamic capabilities perspective, real-time market analytics function as a learning 

infrastructure that continuously updates organizational knowledge. Rather than producing static 

insights, AI-enabled systems facilitate iterative learning cycles in which market signals are 

observed, interpreted, tested, and refined over time. Ransbotham et al. (2020) argue that the most 

significant performance gains from AI emerge when organizations embed analytics into learning 

routines that enable experimentation and adaptation. 

In this context, marketing analytics capability operates as a mediating mechanism between AI 

adoption and competitive advantage. Wamba et al. (2021) demonstrate that firms with advanced 

analytics capabilities outperform competitors not simply because they possess superior 

technologies, but because they integrate insights into strategic planning and execution. Real-time 

data thus become inputs into organizational learning processes, informing adjustments in 

positioning, messaging, and resource allocation. 

Moreover, real-time analytics reduce strategic inertia by challenging existing assumptions about 

markets and competitors. Continuous exposure to live data streams forces organizations to reassess 

dominant mental models and update strategic priorities more frequently. This capacity is 

particularly valuable in digital markets, where consumer preferences and competitive dynamics 

evolve rapidly and unpredictably (Zeng et al., 2022). 
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An additional example comes from the NOAH framework proposed by LinkedIn, which integrates 

prediction, optimization, and adaptive heuristics for large-scale marketing operations. By 

automating real-time decision-making processes in email marketing, the framework significantly 

improved customer engagement and campaign performance compared to traditional analytics tools 

(Li et al., 2024). Such applications illustrate the transformative role of AI in enhancing firms’ 

ability to interpret dynamic environments, enabling marketing departments to act with speed and 

precision. 

Moreover, real-time competition analysis extends beyond consumer-facing data to include 

competitor pricing, product launches, and even strategic partnerships. AI-based competitive 

intelligence platforms can aggregate such data from multiple channels, apply natural language 

processing to detect trends, and provide dashboards that guide managerial decision-making 

(Chatterjee et al., 2023). In this way, firms not only track competitors but also anticipate moves, 

adjusting pricing or product strategies in advance. This forward-looking capacity creates a cycle 

of continuous market adaptation, strengthening long-term resilience. 

The emergence of explainable AI (XAI) systems further strengthens the strategic relevance of real-

time market analytics by enhancing transparency and managerial trust. Tools such as 

SOMONITOR exemplify how AI systems can not only generate insights but also provide 

interpretable explanations for their recommendations, enabling managers to understand the 

rationale behind strategic suggestions (Zhang et al., 2024). This interpretability is critical for 

integrating AI outputs into high-level strategic decision-making. 

Explainable systems support strategic governance by allowing decision-makers to evaluate, 

challenge, and refine AI-driven insights rather than accepting them as opaque outputs. Chatterjee 

et al. (2023) note that transparency in AI systems reduces resistance among managers and increases 

the likelihood that analytics will be incorporated into strategic deliberations. Consequently, real-

time analytics become embedded within formal decision structures, enhancing strategic coherence 

and accountability. 

Furthermore, explainable AI mitigates the risk of overreliance on automated systems. By 

maintaining human oversight and interpretive control, firms can balance algorithmic efficiency 

with contextual judgment, ensuring that strategic decisions remain aligned with organizational 

objectives and values. 
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Beyond monitoring current competitor actions, real-time analytics enable anticipatory forms of 

competition analysis. By combining predictive modeling with scenario analysis, AI systems allow 

firms to simulate potential competitor responses and market trajectories. This capability shifts 

strategic behavior from reactive adjustment to proactive positioning, strengthening the firm’s 

ability to shape market outcomes rather than merely respond to them (Teece, 2018). 

Such anticipatory analysis contributes to strategic resilience by reducing uncertainty and 

supporting more informed risk-taking. When marketing leaders can evaluate alternative strategic 

paths and their likely consequences, decision-making becomes more robust, even under conditions 

of volatility. As Zeng et al. (2022) suggest, the strategic value of real-time analytics lies not only 

in immediacy but in the quality of foresight it enables. 

In summary, real-time market and competition data analysis represents a paradigm shift in 

marketing strategy. By embedding AI into the sensing and interpretation of market dynamics, firms 

enhance their capacity to react quickly, differentiate effectively, and sustain their competitive 

advantage. This continuous flow of insight also lays the foundation for more advanced customer-

facing applications, such as automated service systems and chatbots, which will be explored in the 

following section. 

 

5.2 Customer Journey Optimization through Chatbots and Automated Service Systems 

The customer journey, encompassing the stages of awareness, consideration, purchase, and post-

purchase engagement, has been fundamentally transformed by the integration of AI-driven 

chatbots and automated service systems. Traditionally, firms relied on static touchpoints such as 

call centers and standardized websites to support customers. These systems often resulted in long 

wait times, fragmented experiences, and limited personalization. The advent of conversational AI 

and automated service technologies now enables companies to deliver seamless, real-time, and 

contextually relevant interactions across the entire customer journey (Grewal et al., 2022). 

From a strategic standpoint, the customer journey should not be conceptualized as a linear 

sequence of touchpoints but as a dynamic and interconnected system of interactions. Artificial 

intelligence enables firms to move from fragmented journey management toward holistic journey 

orchestration, where each interaction is informed by prior behavior, contextual signals, and 
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predictive insights. This shift reflects a broader transformation in marketing strategy, in which 

value is created through continuity and coherence rather than isolated encounters (Grewal et al., 

2022). 

AI-driven journey orchestration allows firms to synchronize marketing, sales, and service 

functions around a unified view of the customer. By integrating conversational interfaces with 

customer data platforms and analytics engines, organizations can ensure that customer interactions 

remain consistent across channels and stages of the journey. This consistency is particularly 

important in service industries, where customer perceptions are shaped by cumulative experiences 

rather than single transactions. 

Moreover, the ability to manage journeys in real time enhances strategic flexibility. As customer 

needs and expectations evolve during interactions, AI systems can dynamically adjust content, 

tone, and recommendations, preventing journey breakdowns and reducing friction. This adaptive 

capability transforms customer journey management into a source of differentiation rather than a 

purely operational concern. 

Chatbots, powered by natural language processing (NLP) and machine learning algorithms, 

represent a particularly effective tool for optimizing customer experiences. They provide 24/7 

assistance, can handle routine inquiries instantly, and free human agents to focus on more complex 

issues (Kietzmann et al., 2023). Beyond efficiency, advanced chatbots incorporate predictive 

analytics to anticipate customer needs, recommend tailored solutions, and guide users towards 

purchase decisions. For example, in the retail and hospitality sectors, chatbots have demonstrated 

the ability to increase conversion rates by streamlining product discovery and offering timely 

suggestions aligned with customer profiles (Adam et al., 2021). 

Beyond their functional role, AI-powered chatbots operate as boundary-spanning capabilities that 

connect customers with internal organizational processes. By mediating interactions across 

marketing, service, and operations, chatbots generate valuable insights that extend beyond 

immediate service outcomes. Each conversational exchange produces behavioral data that can be 

analyzed to identify emerging needs, common pain points, and shifts in customer expectations 

(Kietzmann et al., 2023). 

These insights contribute to organizational learning by feeding back into product development, 

service design, and communication strategy. Rather than relying solely on surveys or post-hoc 
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feedback mechanisms, firms gain access to continuous, unsolicited customer input embedded 

within natural interactions. This real-time learning capability strengthens the firm’s ability to adapt 

offerings and refine value propositions over time. 

In addition, chatbots support market sensing by capturing weak signals that may indicate broader 

changes in consumer behavior. For example, repeated inquiries about specific features or concerns 

may reveal unmet needs or emerging trends. When systematically analyzed, such signals can 

inform strategic decisions and guide innovation initiatives, reinforcing the link between customer 

journey optimization and competitive advantage. 

Automated service systems extend these benefits by integrating chatbots with customer 

relationship management (CRM) platforms, digital payment solutions, and recommendation 

engines. This integration allows companies to design personalized service flows, where every 

interaction is informed by prior customer data. Research shows that such systems significantly 

improve key performance metrics including customer satisfaction, repeat purchase intention, and 

customer lifetime value (Chung et al., 2020). Moreover, automated systems can reduce operational 

costs by up to 30%, highlighting their strategic role in improving both efficiency and profitability 

(Gursoy et al., 2019). 

The strategic relevance of automated service systems can be further understood through the lens 

of service-dominant logic, which conceptualizes value as co-created through interactions between 

firms and customers. Within this framework, AI-enabled service systems act as facilitators of value 

co-creation by enabling continuous dialogue, personalization, and responsiveness across the 

customer journey (Vargo & Lusch, 2017). 

Rather than delivering standardized service outputs, automated systems adapt to individual 

customer contexts, allowing value to emerge through use and interaction. This adaptive service 

provision strengthens relational bonds and enhances perceived value, particularly in experience-

centric industries such as retail, hospitality, and financial services. Empirical evidence suggests 

that customers increasingly evaluate brands not only on functional outcomes but also on the quality 

and relevance of their interactions, reinforcing the strategic importance of AI-driven service design 

(Kumar et al., 2023). 

Furthermore, service-dominant logic highlights the role of operant resources—such as knowledge, 

analytics, and relational capabilities—in value creation. AI-powered service systems exemplify 
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such operant resources, as their effectiveness increases through learning and interaction. Over 

time, this learning-based capability becomes difficult for competitors to replicate, contributing to 

sustained competitive advantage. 

Another critical dimension of chatbots and automated systems is their role in enhancing brand 

perception. Customers increasingly expect immediacy, empathy, and personalization in their 

interactions with brands. A well-designed chatbot, capable of maintaining natural and human-like 

conversations, strengthens brand identity by embodying its tone, values, and service orientation 

(Kumar et al., 2023). Conversely, poorly designed systems risk creating frustration and damaging 

trust. Therefore, the optimization of the customer journey through automation is not only a 

technological challenge but also a matter of aligning digital interactions with corporate identity. 

Finally, the scalability of AI-enabled service systems ensures that firms can meet fluctuating 

customer demands without sacrificing quality. This capability is particularly important in highly 

competitive markets, where even minor service failures can lead to customer attrition. By 

integrating AI into the customer journey, companies achieve a dual advantage: they enhance 

customer engagement while simultaneously reinforcing operational resilience. 

Customer journey optimization through AI-enabled service systems also plays a critical role in 

reinforcing corporate identity. Each automated interaction communicates implicit signals about the 

brand’s values, priorities, and service philosophy. When chatbots and service systems are designed 

to reflect a brand’s tone of voice, responsiveness, and ethical stance, they become extensions of 

corporate identity rather than neutral technological interfaces (Kumar et al., 2023). 

Conversely, misaligned or poorly designed systems can undermine brand credibility and erode 

trust. Excessive automation without empathy, inconsistent responses across channels, or intrusive 

personalization practices may conflict with a firm’s stated values, creating dissonance in customer 

perceptions. Therefore, the strategic management of automated service systems requires close 

alignment between technological design and brand identity. 

By embedding AI-driven service systems within a coherent identity framework, firms can 

transform customer journey optimization into a symbolic as well as functional resource. This 

alignment strengthens emotional engagement, supports long-term loyalty, and reinforces the firm’s 

competitive positioning in crowded markets. 



56 

 

In conclusion, chatbots and automated service systems are central to the reconfiguration of the 

customer journey in the digital age. They provide immediate, personalized, and scalable solutions 

that enhance customer satisfaction, strengthen brand loyalty, and improve business outcomes. The 

next section will build on these insights by examining how firms can further improve return on 

investment (ROI) in their marketing campaigns through advanced AI applications. 

 

5.3 Strategies to Improve ROI in Marketing Campaigns 

Maximizing return on investment (ROI) in marketing campaigns has long been a central concern 

for managers, but the rise of AI technologies has introduced unprecedented opportunities for 

efficiency and effectiveness. Traditional campaign optimization relied heavily on retrospective 

analysis and broad demographic segmentation, approaches that often led to wasted resources and 

suboptimal targeting. By contrast, AI enables firms to move towards predictive, adaptive, and 

highly personalized marketing strategies that continuously optimize resource allocation and 

performance outcomes (Wedel & Kannan, 2019). 

From a strategic perspective, return on investment should not be treated solely as a post-campaign 

financial metric, but as an ongoing control mechanism that guides decision-making throughout the 

marketing process. Artificial intelligence enables the transition from retrospective ROI evaluation 

to closed-loop marketing systems, where performance data are continuously fed back into 

campaign design and execution. This shift allows firms to monitor the real-time impact of 

marketing actions and adjust strategies dynamically, reducing waste and enhancing effectiveness 

(Wedel & Kannan, 2019). 

AI-driven closed-loop systems integrate customer responses, engagement metrics, and conversion 

data with predictive models that estimate future value. As a result, marketing managers can assess 

not only whether a campaign performed well, but also why it performed as it did and how it can 

be improved. This analytical depth supports more informed resource allocation decisions and 

aligns marketing investments with broader strategic objectives. 

Moreover, the use of AI in ROI management strengthens accountability within marketing 

functions. By making performance outcomes transparent and traceable, AI-based systems reduce 
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ambiguity around campaign effectiveness and support evidence-based justification of marketing 

expenditures to senior management. 

One of the most significant contributions of AI to ROI improvement is its ability to generate data-

driven insights at scale. Through machine learning models, firms can segment audiences in real 

time, forecast engagement likelihood, and allocate advertising budgets dynamically. Studies 

indicate that AI-powered marketing analytics can increase ROI by 10–20% compared to traditional 

methods, largely by reducing inefficiencies and improving message relevance (Chatterjee et al., 

2021). For example, McKinsey reports show that AI-based customer journey analytics can uncover 

high-value microsegments and recommend tailored offers, leading to stronger conversion rates and 

lower customer acquisition costs (Bughin et al., 2021). 

While AI significantly enhances short-term efficiency metrics, its strategic contribution to ROI lies 

in its capacity to link immediate campaign outcomes with long-term value creation. Traditional 

ROI frameworks often privilege short-term sales uplift, potentially underestimating investments 

that contribute to brand equity, customer loyalty, and lifetime value. AI-enabled analytics address 

this limitation by connecting engagement data, sentiment analysis, and behavioral indicators with 

long-term financial performance (Bughin et al., 2021). 

By incorporating customer lifetime value models into campaign evaluation, firms can prioritize 

investments that yield sustained returns rather than isolated transactional gains. AI systems can 

identify high-potential customer segments and tailor interventions that maximize long-term 

profitability, even when short-term ROI appears modest. This perspective aligns marketing 

strategy with long-term competitive advantage rather than short-term cost efficiency. 

Furthermore, AI enables more accurate attribution modeling, allowing firms to assess the 

cumulative impact of multiple touchpoints on customer behavior. Improved attribution enhances 

strategic clarity by revealing how brand-building activities contribute indirectly to financial 

outcomes, supporting more balanced and forward-looking investment decisions (Wedel & Kannan, 

2019). 

Another strategy for ROI enhancement lies in personalized content delivery. Generative AI tools 

can automate the creation of multiple content variations, test their performance in real time, and 

adjust campaign strategies accordingly. This approach supports continuous experimentation, 

where ineffective messages are quickly discarded, and successful ones are amplified (Gupta et al., 
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2022). For instance, Yum! Brands (Taco Bell, KFC) has implemented AI-driven email marketing 

campaigns that use reinforcement learning to refine messages, increasing purchase frequency and 

reducing churn (The Wall Street Journal, 2025). 

AI-driven experimentation represents a critical mechanism through which firms enhance 

marketing ROI while simultaneously building organizational agility. Generative AI tools allow 

marketers to test multiple content variations, creative formats, and messaging strategies in parallel, 

generating rapid feedback on performance. This capability reduces the cost and risk associated 

with experimentation, enabling firms to adopt a test-and-learn approach at scale (Gupta et al., 

2022). 

Continuous experimentation transforms campaign management from a discrete planning exercise 

into an adaptive process. Insights generated through experimentation inform subsequent decisions, 

creating a virtuous cycle of learning and improvement. Chatterjee et al. (2023) argue that such AI-

enabled agility allows firms to respond more effectively to environmental uncertainty, 

strengthening both efficiency and strategic flexibility. 

Importantly, experimentation supported by AI also contributes to cultural change within marketing 

organizations. As data-driven insights replace assumptions and intuition as the primary basis for 

decision-making, teams become more open to innovation and iterative improvement. This cultural 

shift reinforces the firm’s ability to sustain ROI gains over time. 

AI also enhances ROI by optimizing media buying and budget allocation. Programmatic 

advertising systems, guided by AI, evaluate billions of data points across platforms to determine 

the best timing, channel, and bid for each impression. Research highlights that such systems 

outperform human-managed campaigns in both cost efficiency and engagement impact (Liu et al., 

2020). Moreover, AI ensures that budgets are not only optimized at the campaign level but also 

dynamically adjusted based on evolving consumer behavior and competitor actions. 

From a dynamic capabilities perspective, AI-enhanced ROI optimization reflects the firm’s ability 

to orchestrate resources effectively in changing environments. Programmatic advertising and 

dynamic budget allocation exemplify how AI supports the reconfiguration of marketing resources 

in response to real-time feedback and competitive pressures. Rather than committing budgets ex 

ante, firms can reallocate resources continuously, aligning investments with emerging 

opportunities (Teece, 2018). 
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This resource orchestration capability strengthens competitive advantage by reducing rigidity and 

improving strategic responsiveness. Firms that leverage AI to guide budget decisions can exploit 

transient advantages more effectively, reallocating funds toward high-performing channels or 

segments while minimizing exposure to underperforming initiatives. Over time, this flexibility 

contributes to superior financial performance and resilience. 

Moreover, AI-driven resource orchestration enhances coordination across marketing functions. By 

providing a shared analytical foundation, AI systems facilitate alignment between creative, media, 

and performance teams, ensuring that ROI optimization supports coherent strategic objectives 

rather than isolated functional goals. 

Additionally, chatbots and automated systems, as examined in the previous section, contribute to 

ROI by reducing service costs and increasing conversion rates. A well-designed chatbot can 

shorten the purchase cycle, encourage upselling or cross-selling, and improve customer 

satisfaction, all of which feed back into stronger financial performance (Adam et al., 2021). 

Importantly, these benefits extend beyond short-term sales uplift to include long-term loyalty, a 

critical determinant of marketing ROI. 

Despite these advantages, firms must also address the risks and limitations of AI-driven ROI 

strategies. Overreliance on algorithms may create blind spots, particularly when models are biased 

or fail to account for contextual shifts such as economic downturns or cultural changes. Therefore, 

experts recommend a hybrid approach, where AI augments but does not replace human judgment 

in campaign management (Grewal et al., 2022). By combining AI capabilities with strategic 

oversight, firms can balance efficiency with adaptability, ensuring sustainable ROI improvements. 

Despite the substantial benefits of AI-driven ROI strategies, firms must remain attentive to 

potential limitations. Over-optimization around short-term performance metrics may incentivize 

homogenized messaging or excessive personalization, potentially eroding brand distinctiveness. 

Grewal et al. (2022) caution that algorithmic optimization should be balanced with strategic 

oversight to ensure alignment with brand values and long-term positioning. 

Therefore, the most effective ROI strategies adopt a hybrid approach, in which AI augments 

managerial judgment rather than replacing it. By combining algorithmic efficiency with strategic 

intent, firms can ensure that ROI optimization supports both financial performance and corporate 
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identity. This balance is essential for sustaining competitive advantage in markets characterized by 

rapid technological and behavioral change. 

In summary, strategies to improve ROI in marketing campaigns increasingly revolve around 

leveraging AI for predictive analytics, personalized content, and automated optimization of 

budgets and media. Firms that successfully integrate these technologies can achieve not only cost 

efficiencies but also more meaningful customer engagement. This dual advantage strengthens their 

competitive positioning and sets the stage for broader discussions on how AI-driven strategies 

align with corporate identity, the focus of the following section. 

 

5.4 Linking Competitive Advantage to Corporate Identity and AI Implementation 

Competitive advantage is not only a function of market positioning or technological capability but 

also deeply intertwined with corporate identity. Corporate identity, defined as the expression of a 

firm’s values, culture, and distinctiveness, shapes how consumers perceive and interact with a 

brand (Melewar & Foroudi, 2020). In the age of artificial intelligence, the interplay between 

corporate identity and AI-driven strategies becomes particularly significant: AI is not merely a tool 

for operational efficiency but also a medium through which firms communicate, embody, and 

reinforce their unique identity. 

From a strategic management perspective, corporate identity functions not merely as a 

communicative or symbolic construct but as an organizational resource that shapes firm behavior 

and market positioning. Within the resource-based view of the firm, identity-related elements—

such as shared values, organizational culture, and consistent brand expression—can be 

conceptualized as intangible assets that contribute to sustained competitive advantage when they 

are embedded across organizational processes (Kozlenkova et al., 2019). 

Artificial intelligence amplifies the strategic relevance of corporate identity by embedding identity 

cues into everyday operational and marketing decisions. As AI-driven systems increasingly 

mediate customer interactions, pricing logic, content delivery, and service responses, they become 

vehicles through which corporate identity is enacted rather than merely communicated. In this 

sense, AI transforms identity from a static representation into a continuously performed strategic 

capability. 
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This perspective extends the RBV by highlighting the importance of alignment between 

technological capabilities and symbolic resources. AI systems that are configured to reflect 

organizational values, ethical commitments, and service orientation enhance the inimitability of 

the firm’s strategic configuration. Competitors may replicate technologies, but replicating the 

integration of AI with deeply embedded identity elements remains significantly more challenging. 

The resource-based view (RBV) of the firm offers a theoretical framework to explain this linkage. 

According to RBV, sustained competitive advantage arises from resources and capabilities that are 

valuable, rare, difficult to imitate, and organized effectively (Barney, 1991; updated in Kozlenkova 

et al., 2019). AI capabilities—such as proprietary algorithms, customer data integration, or 

advanced predictive models—fit these criteria when embedded into a company’s marketing and 

identity strategy. For instance, a company that develops a chatbot reflecting its tone of voice, 

values, and service ethos transforms AI into a branded resource, not just a technological add-on. 

Empirical studies support this view. Research on Chinese firms demonstrates that AI adoption, 

when combined with effective information management, creates distinct competitive advantages 

by reinforcing brand credibility and operational excellence (Zhang & Chen, 2022). Similarly, a 

study in Portugal found that companies integrating AI into their brand identity strategies reported 

stronger differentiation and resilience in competitive markets (Silva et al., 2021). These findings 

highlight the importance of aligning AI implementation with the firm’s symbolic and strategic 

identity dimensions. 

The strategic integration of AI and corporate identity also has important institutional implications. 

Corporate identity contributes to legitimacy and trust by signaling consistency, reliability, and 

coherence to external stakeholders. When AI-driven systems reinforce these signals through 

transparent, predictable, and value-consistent interactions, they strengthen institutional trust and 

reduce perceived risk (Foroudi, 2024). 

Conversely, inconsistencies between a firm’s stated identity and its AI-mediated practices can 

undermine legitimacy. For example, a brand positioned around transparency and customer-

centricity may experience credibility loss if its AI systems are perceived as opaque or intrusive. 

Bach et al. (2024) demonstrate that user trust in AI-enabled systems depends not only on technical 

performance but also on perceived alignment with organizational values and ethical standards. 
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From this perspective, AI implementation becomes an institutional act that reflects and reinforces 

corporate identity. Firms that manage this alignment effectively can transform trust into a strategic 

asset, enhancing customer loyalty and strengthening competitive advantage in markets 

characterized by information asymmetry and technological complexity. 

 

Another important perspective is the notion of AI-native firms, companies that embed AI at the 

core of their business model. Reports suggest that such firms often grow at twice the rate of 

traditional competitors, even with smaller workforces, because their AI-enabled identity resonates 

strongly with technologically savvy consumers and positions them as innovation leaders (The Wall 

Street Journal, 2025). Their corporate identity is thus inseparable from their AI capabilities, 

creating a “compounding advantage” that competitors find difficult to replicate. 

The concept of AI-native firms illustrates how corporate identity and technological capability can 

co-evolve into a self-reinforcing strategic configuration. In such organizations, AI is not adopted 

as a supplementary tool but embedded at the core of the business model, shaping decision-making 

logic, organizational culture, and external brand perception. Over time, this integration creates path 

dependencies that reinforce competitive advantage (Teece, 2018). 

AI-native identities are characterized by a strong association with innovation, adaptability, and 

data-driven excellence. These identity attributes influence stakeholder expectations and market 

positioning, allowing firms to attract technologically sophisticated customers, partners, and talent. 

Importantly, the credibility of such identities depends on consistent AI performance across 

touchpoints, reinforcing the need for strategic coherence between identity claims and technological 

execution. 

As AI capabilities mature through learning and experience, they further differentiate the firm’s 

identity, creating a compounding advantage that is difficult for late adopters to replicate. This 

dynamic highlights the strategic value of early and coherent integration of AI within identity 

frameworks. 

However, this integration requires careful management. If AI is perceived as intrusive, impersonal, 

or inconsistent with a brand’s identity, it can damage trust and erode competitive advantage 

(Grewal et al., 2022). For example, overly aggressive personalization strategies that conflict with 
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privacy expectations may undermine the credibility of a brand that otherwise emphasizes customer 

care and transparency. Therefore, companies must ensure that AI implementations are not only 

technologically robust but also aligned with their values, mission, and corporate story. 

Ethical considerations and regulatory compliance further shape the relationship between corporate 

identity and AI-driven competitive advantage. The emergence of regulatory frameworks, such as 

the European Union’s Artificial Intelligence Act, underscores the importance of responsible AI 

deployment as a component of strategic positioning. Compliance with ethical and legal standards 

increasingly functions as a signal of corporate responsibility and trustworthiness (European Union, 

2024). 

Firms that proactively integrate ethical principles into AI design and governance can differentiate 

themselves by positioning responsibility as part of their identity. Rather than constraining 

innovation, ethical AI practices enhance legitimacy and reduce reputational risk, supporting long-

term competitive advantage. This alignment between identity, ethics, and technology reinforces 

the argument that sustainable advantage arises from coherence rather than technological 

sophistication alone. 

 

In conclusion, linking competitive advantage to corporate identity and AI implementation 

underscores the strategic importance of coherence between technology and brand ethos. AI serves 

as both a resource and a channel for expressing identity, making it central to sustainable 

differentiation. Firms that successfully integrate AI within their corporate identity frameworks 

achieve not only operational improvements but also reinforce their symbolic capital, strengthening 

their long-term competitive position. This synthesis demonstrates that the future of competitive 

advantage lies not merely in technological adoption but in harmonizing such capabilities with the 

essence of what the brand represents. 

 

5.5 AI-Driven Organizational Agility and Strategic Speed 

Organizational agility and strategic speed have emerged as critical determinants of competitive 

advantage in environments characterized by technological acceleration and market volatility. 

While prior sections examined how artificial intelligence enhances market sensing, customer 
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engagement, and return on investment, the realization of these benefits ultimately depends on the 

organization’s ability to act upon insights rapidly and coherently. AI-driven agility refers not 

merely to faster execution, but to the firm’s capacity to reconfigure structures, processes, and 

decision-making routines in response to continuous environmental change (Teece, 2018). 

Artificial intelligence enhances organizational agility by compressing decision cycles and reducing 

the temporal distance between insight generation and strategic action. Traditional organizations 

often rely on hierarchical approval processes and periodic planning cycles, which can delay 

responses to emerging opportunities or threats. By contrast, AI-enabled decision support systems 

allow firms to process real-time data, simulate alternative courses of action, and implement 

adjustments with minimal latency (Chatterjee et al., 2023). This acceleration of strategic response 

enables organizations to exploit transient competitive advantages before they dissipate. 

However, strategic speed should not be conflated with impulsive or unreflective decision-making. 

Ransbotham et al. (2020) emphasize that the value of AI lies not only in automation, but in 

augmenting organizational learning and judgment. Firms that successfully leverage AI for agility 

establish feedback mechanisms that balance rapid experimentation with systematic evaluation. In 

this sense, AI supports disciplined speed, allowing organizations to act quickly while maintaining 

strategic coherence. 

From a dynamic capabilities perspective, AI-driven agility strengthens the firm’s ability to sense, 

seize, and transform. Sensing capabilities are enhanced through continuous monitoring of market 

and internal performance data, as discussed in Section 5.1. Seizing capabilities are reinforced 

through AI-supported prioritization and resource allocation, enabling firms to mobilize assets 

toward high-potential opportunities. Finally, transformation is facilitated by AI-enabled 

organizational redesign, as firms adapt workflows, roles, and governance structures to align with 

evolving strategic objectives (Teece, 2018). 

Empirical research supports the relationship between AI adoption, agility, and firm performance. 

Chatterjee et al. (2023) find that AI-driven decision-making systems significantly improve 

organizational agility, which in turn mediates the effect of AI on competitive performance. 

Similarly, studies on big data analytics demonstrate that firms with advanced analytical capabilities 

respond more effectively to environmental turbulence, outperforming competitors in both growth 
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and profitability metrics (Wamba et al., 2021). These findings highlight agility as a strategic 

outcome of AI integration rather than an automatic by-product of technological investment. 

Organizational agility also has important implications for marketing strategy and brand 

management. Agile firms can adapt messaging, positioning, and value propositions more rapidly 

in response to shifts in consumer sentiment or competitive actions. This responsiveness enhances 

brand relevance and reduces the risk of strategic misalignment. Moreover, agility enables firms to 

coordinate cross-functional responses, ensuring that marketing, operations, and customer service 

act in concert rather than in silos (Huang & Rust, 2021). 

At the same time, the pursuit of speed introduces new managerial challenges. Excessive emphasis 

on rapid action may lead to decision fragmentation, erosion of accountability, or strategic drift. 

Therefore, effective AI-driven agility requires appropriate governance structures that define 

decision rights, escalation mechanisms, and performance evaluation criteria. By embedding AI 

within clearly articulated strategic frameworks, firms can harness speed as a source of advantage 

without sacrificing control or coherence (Ransbotham et al., 2020). 

In sum, AI-driven organizational agility represents a higher-order capability that integrates 

technological, human, and structural elements. Strategic speed, when supported by learning 

mechanisms and governance safeguards, allows firms to adapt continuously while preserving 

identity and strategic intent. This capability not only amplifies the benefits of AI across marketing 

and operations but also prepares organizations to navigate the ethical and regulatory challenges 

associated with advanced AI deployment, which are examined in the following section. 

 

5.6 Strategic Risks, Trust, Ethics, and Governance of AI-Based Advantage 

While artificial intelligence offers substantial opportunities for competitive advantage, its strategic 

deployment also introduces a set of risks that firms must actively manage. As AI systems 

increasingly influence marketing decisions, customer interactions, and organizational processes, 

concerns related to trust, ethics, and governance become central to sustaining long-term advantage. 

Competitive benefits derived from AI are therefore contingent not only on technological 

sophistication but also on responsible and transparent implementation (Bach et al., 2024). 
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Trust plays a pivotal role in shaping stakeholder acceptance of AI-enabled strategies. In marketing 

contexts, trust influences customer willingness to share data, engage with automated systems, and 

maintain long-term relationships with brands. Empirical evidence suggests that user trust in AI-

enabled systems depends on perceived transparency, fairness, and alignment with organizational 

values rather than solely on performance outcomes (Bach et al., 2024). Consequently, trust should 

be conceptualized as a strategic asset that mediates the relationship between AI adoption and 

competitive advantage. 

Ethical considerations further complicate the strategic use of AI. Issues such as data privacy, 

algorithmic bias, and opaque decision-making processes pose reputational and legal risks that can 

undermine brand equity and customer loyalty. Overly aggressive personalization or intrusive data 

practices may generate short-term gains while eroding long-term trust. Grewal et al. (2022) caution 

that such practices can create misalignment between brand promises and customer experiences, 

ultimately weakening competitive positioning. 

From an institutional perspective, regulatory frameworks increasingly shape the strategic 

landscape of AI adoption. The European Union’s Artificial Intelligence Act represents a significant 

shift toward formal governance of AI systems, classifying applications according to risk levels and 

imposing obligations related to transparency, accountability, and human oversight (European 

Union, 2024). Compliance with such regulations is no longer a peripheral legal concern but a 

strategic imperative that influences how firms design and deploy AI-enabled marketing systems. 

Also, regulatory compliance can function as a source of differentiation rather than a constraint on 

innovation. Firms that proactively align their AI practices with regulatory and ethical standards 

signal responsibility and reliability to stakeholders. Foroudi (2024) argues that corporate identity 

management plays a crucial role in this process, as ethical conduct and transparency increasingly 

form part of how brands are evaluated in competitive markets. In this sense, responsible AI 

governance reinforces corporate identity and strengthens institutional legitimacy. 

Effective AI governance requires the establishment of clear decision rights, accountability 

structures, and monitoring mechanisms. Governance frameworks should define who is responsible 

for AI outcomes, how decisions are audited, and how ethical concerns are escalated within the 

organization. Ransbotham et al. (2020) emphasize that organizations must combine technological 

controls with human oversight to prevent overreliance on automated decision-making. Such hybrid 
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governance models balance efficiency with responsibility, ensuring that AI augments rather than 

replaces managerial judgment. 

Moreover, governance mechanisms support strategic coherence by aligning AI deployment with 

organizational objectives and values. Without governance, AI systems may optimize narrowly 

defined performance metrics at the expense of broader strategic goals, such as brand consistency 

or customer trust. By embedding ethical guidelines and performance criteria into AI design, firms 

can ensure that automated systems contribute to sustainable value creation rather than short-term 

exploitation (Chatterjee et al., 2023). 

In conclusion, the strategic risks associated with AI adoption underscore the importance of trust, 

ethics, and governance as integral components of competitive advantage. Firms that neglect these 

dimensions may achieve temporary performance gains but expose themselves to reputational 

damage, regulatory sanctions, and erosion of stakeholder trust. Conversely, organizations that 

integrate ethical principles, transparent governance, and regulatory compliance into their AI 

strategies can transform responsibility into a source of differentiation. This alignment enables 

firms to sustain AI-based competitive advantage while reinforcing corporate identity and long-

term legitimacy in increasingly regulated and trust-sensitive markets. 

 

 

 

 

Chapter 6. Case Studies 

6.1 Greek Case Studies 

6.1.1 Cosmote: AI-Powered Customer Service and Personalization 

Cosmote, the leading telecommunications provider in Greece, has systematically invested in 

Artificial Intelligence (AI) to transform both its customer service operations and its broader brand 

identity. The company’s adoption of AI-powered chatbots, predictive analytics, and personalized 

recommendation engines exemplifies how Greek firms integrate advanced technologies to enhance 

customer experience (CX). According to Katsikeas et al. (2022), in service industries where 
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customer interaction represents the core of the product, AI-driven personalization functions as a 

strategic differentiator, fostering trust and loyalty. 

One of Cosmote’s flagship initiatives has been the deployment of chatbots for customer support. 

The Cosmote Chatbot, available via the company’s website and mobile applications, is designed 

to handle frequent inquiries, troubleshoot common technical issues, and direct users to human 

agents when more complex cases arise. By automating a substantial share of service requests, the 

company not only reduces waiting times but also strengthens its corporate image as a 

technologically advanced and customer-oriented brand. Empirical findings from Greek market 

reports indicate that customer satisfaction scores improved following the integration of AI-enabled 

digital assistants, particularly among younger demographics who value immediacy and digital 

fluency (Koutroumpis & Tsekouras, 2021). 

Moreover, Cosmote has leveraged predictive analytics to personalize communication and improve 

marketing effectiveness. Through the use of AI models that analyze consumer behavior data—

such as mobile usage, browsing history, and purchase patterns—the company tailors offers, 

discounts, and targeted campaigns to different segments of its customer base. This predictive 

personalization is closely tied to corporate identity, positioning Cosmote as an innovator that 

anticipates consumer needs. The introduction of tailored subscription bundles and personalized 

service upgrades has been shown to increase conversion rates and reinforce customer loyalty 

(Christodoulides & Michaelidou, 2023). 

From a strategic standpoint, Cosmote’s investment in AI technologies aligns with global telecom 

trends while maintaining local cultural sensitivity. The company not only enhances operational 

efficiency but also communicates a forward-looking corporate identity, resonating with values of 

innovation, reliability, and customer centricity. As Vrontis et al. (2022) argue, in highly competitive 

service markets, the integration of AI into brand management strengthens differentiation, 

particularly when combined with effective communication of innovation as part of the corporate 

narrative. 

In sum, Cosmote demonstrates how Greek service firms can leverage AI not only to improve 

customer service and marketing personalization but also to consolidate a brand identity that 

emphasizes digital leadership. This case reflects broader European practices while highlighting the 

adaptability of AI tools in the Greek service industry context. 
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6.1.2 Alpha Bank: AI in Predictive Analytics, Customer Trust, and Fraud Detection 

Alpha Bank, one of the leading financial institutions in Greece, has integrated Artificial 

Intelligence (AI) across multiple touchpoints of its operations, with a particular emphasis on 

predictive analytics, fraud detection, and customer personalization. The financial sector is highly 

dependent on trust and reliability, and Alpha Bank’s adoption of AI reflects an effort to reinforce 

its corporate identity as both secure and innovative. 

A central area of implementation concerns fraud detection systems powered by AI. The bank 

utilizes machine learning algorithms capable of analyzing large volumes of transaction data in real 

time, identifying anomalies, and preventing potentially fraudulent activity. This technological 

enhancement not only reduces financial losses but also communicates a strong corporate identity 

focused on safety and integrity—key attributes in the banking industry. Studies suggest that the 

introduction of AI-based fraud detection significantly increases customer trust in digital banking, 

especially in markets where skepticism toward online transactions has traditionally been high 

(Arslanian & Fischer, 2022). 

Beyond security, Alpha Bank leverages predictive analytics for customer relationship 

management. By examining behavioral patterns—such as spending habits, credit history, and 

engagement with digital banking tools—the bank is able to anticipate client needs, offer tailored 

financial products, and design personalized investment recommendations. For example, AI-

powered models can predict which clients are more likely to apply for a mortgage or require 

liquidity solutions, enabling Alpha Bank to proactively engage with them through targeted 

campaigns. Such personalization not only enhances marketing ROI but also strengthens the 

corporate image of the bank as a customer-centric institution (Gkiokas & Karampelas, 2023). 

Another notable initiative has been the use of chatbots and virtual assistants within Alpha Bank’s 

mobile banking app. These AI-driven tools provide real-time responses to common queries, guide 

customers through transactions, and facilitate navigation of digital services. In doing so, Alpha 

Bank aligns itself with international best practices in financial services while promoting its identity 

as a technologically advanced, digitally enabled bank. The incorporation of AI into customer 

support reduces service friction and highlights the bank’s innovative orientation (Zavolokina et al., 

2021). 
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From a strategic perspective, Alpha Bank’s AI investments demonstrate how Greek financial 

institutions position themselves competitively in both local and European contexts. In a sector 

where differentiation is traditionally limited, embedding AI into the service journey allows Alpha 

Bank to project an image of digital transformation leadership, thus enhancing its competitive 

advantage. Moreover, these initiatives illustrate the interdependence of technology and trust: by 

adopting AI, the bank not only optimizes operations but also reinforces its corporate identity as 

both progressive and dependable. 

 

6.1.3 Aegean Airlines: AI-Driven Personalization and Customer Loyalty 

Aegean Airlines, Greece’s flagship carrier, has strategically embraced Artificial Intelligence (AI) 

to enhance customer experience, optimize marketing activities, and strengthen its brand identity 

in an industry characterized by intense competition and high customer expectations. As a service 

provider where customer experience directly defines perceived value, Aegean leverages AI not 

only as a technological tool but also as a branding mechanism that positions the company as 

customer-oriented, modern, and innovative. 

One of the most impactful applications of AI in Aegean’s strategy is personalization through 

loyalty programs. The airline’s frequent flyer program, Miles+Bonus, integrates AI-driven 

recommendation engines to deliver tailored offers to passengers. By analyzing customer travel 

history, booking behavior, and ancillary purchases, Aegean can personalize promotions such as 

seat upgrades, travel bundles, and destination suggestions. This predictive personalization 

strengthens customer loyalty while reinforcing the company’s corporate identity as a brand that 

“knows and values” its travelers (Tussyadiah & Miller, 2019). 

Additionally, Aegean Airlines employs chatbots and AI-driven customer service assistants across 

its digital platforms. These tools respond to flight inquiries, provide booking support, and manage 

flight status updates in real time. By incorporating AI in customer support, the airline not only 

enhances service efficiency but also projects an image of accessibility and innovation. Such tools 

are particularly important for airlines operating in competitive European hubs, where seamless 

digital engagement contributes to brand differentiation (Mariani & Borghi, 2021). 
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AI is also integrated into predictive demand forecasting and revenue management. Machine 

learning models analyze booking patterns, seasonal trends, and external data (e.g., weather, 

regional events) to optimize pricing strategies and seat inventory allocation. This data-driven 

approach enables Aegean to balance competitive pricing with profitability while maintaining its 

identity as a reliable and efficient carrier. According to studies on airline management, predictive 

analytics directly supports strategic advantage by enabling companies to align capacity with 

fluctuating demand while improving the passenger journey (Jiang, 2022). 

Furthermore, Aegean has experimented with AI-enhanced marketing campaigns that utilize 

sentiment analysis of social media interactions. By monitoring customer perceptions online, the 

airline adapts its messaging and brand communication strategies to align with customer sentiment. 

This dynamic engagement strengthens Aegean’s identity as a brand that listens and responds to its 

passengers, thereby cultivating emotional connections in addition to transactional relationships. 

In sum, Aegean Airlines demonstrates how a Greek company can integrate AI across multiple 

service touchpoints to achieve both operational excellence and brand strengthening. By leveraging 

predictive personalization, AI-enabled customer service, and data-driven pricing, Aegean 

cultivates a competitive advantage that not only increases profitability but also reinforces its 

corporate identity as Greece’s innovative and customer-centered airline. 

 

6.1.4 Skroutz & eFood: AI-Enabled Personalization, Search, and Last-Mile Optimization in 

Greek Digital Marketplaces 

Skroutz and eFood represent two mature Greek platforms that have embedded artificial 

intelligence (AI) and advanced analytics across the customer journey to reinforce brand identity 

and sustain competitive advantage in highly contested service markets. Although they operate in 

distinct verticals—multi-category e-commerce for Skroutz and on-demand food/grocery delivery 

for eFood—their strategies converge on three pillars: (i) AI-driven discovery and personalization, 

(ii) predictive, real-time operations in logistics/fulfilment, and (iii) data infrastructure that enables 

continuous experimentation at scale. 

AI-driven discovery and branded experience 
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Skroutz has progressively reframed its marketplace as a personalized media environment. The 

launch of Skroutz Feed explicitly positions the homepage as a stream of individualized content, 

deals, and product suggestions, signalling a corporate identity anchored in curation and “shopping 

as browsing.” The company frames this as a user-centric redesign—“your personalised 

marketplace”—which relies on recommendation and ranking models to match offers to intent and 

preference signals (Skroutz Corporate, 2022). Such personalization becomes a brand cue: the 

platform “knows” the user and reduces search friction, shaping perceptions of convenience and 

relevance. In April 2025, Skroutz further introduced Skroutz AI, a shopping assistant available in 

Greek that integrates conversational retrieval with the catalog, foregrounding AI as part of the 

brand promise of guidance and simplicity (Skroutz Corporate, 2025). 

eFood, operated by Delivery Hero in Greece, follows a parallel logic. As part of a global 

organization processing millions of daily orders and investing heavily in machine-learning 

infrastructure, eFood benefits from group-level capabilities in personalized ranking and real-time 

recommendations (MongoDB, 2025). Delivery Hero’s transition to embedding-based retrieval 

systems for personalization has been shown to improve relevance and conversion, capabilities 

transferrable to local brands like eFood. The company’s narrative—“fast and reliable delivery of 

meals, groceries, and everyday essentials”—positions personalization and speed as defining 

attributes of its value proposition in Greece (Delivery Hero, 2025). 

Academic literature corroborates the strategic effect of such systems. Recent reviews show that 

food and grocery platforms increasingly rely on deep-learning recommenders, such as graph-based 

and hybrid models, to raise engagement and repeat purchase (Bondevik et al., 2024; Jansen et al., 

2024). Branding research similarly confirms that AI-powered personalization strengthens brand 

equity by signalling responsiveness and fit, particularly in digital service contexts (Roy et al., 2022; 

Yalçınkaya & Hızıroğlu, 2024). 

Predictive operations and last-mile identity 

A distinctive feature of Skroutz’s trajectory is the vertical integration of logistics through Skroutz 

Last Mile. Between 2020 and 2024 the company industrialized its routing, sorting, and delivery 

stack—adopting Google’s Cloud Fleet Routing and Maps solutions to optimize multi-stop 

planning, and deploying robotics to accelerate hub operations (Google Cloud, 2024; Theodorou 
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Group, 2023). These investments underpin brand claims such as next-day/same-day delivery and 

high fulfilment rates—service cues that reinforce reliability as part of corporate identity. 

For eFood, the performance-critical layer is ETA prediction and dispatch optimization. Delivery 

Hero documents continuous advances in routing and middle-mile planning on AWS infrastructure, 

while industry peers such as DoorDash and Uber have developed state-of-the-art deep learning 

models for accurate ETAs (DoorDash, 2021; Uber Engineering, 2022). Research demonstrates that 

accurate time-to-deliver predictions, which integrate spatial-temporal and environmental features, 

improve efficiency and perceived service quality in food delivery (Nguyen et al., 2024; Zhang et 

al., 2024). 

Data infrastructure and organizational capability 

Both firms emphasize technological scale as part of their identity. Skroutz highlights its 160+ 

developers and over 35 million monthly visits, presenting experimentation capability as a cultural 

core (Skroutz Engineering, 2024). Similarly, eFood’s recruitment campaigns stress in-market data 

roles in Athens, signalling local ownership of decision-making processes while leveraging 

Delivery Hero’s global platforms (Delivery Hero Careers, 2024). 

Comparative synthesis 

Skroutz extends brand differentiation by owning the last mile and making logistics reliability a 

visible part of its identity, whereas eFood’s differentiation is built on orchestration excellence in 

volatile two-sided markets. In both cases, AI is not merely a back-office tool but an identity signal: 

personalization (“this is for me”) and punctuality (“it arrives when promised”). Contemporary 

scholarship on AI-driven branding suggests that such signals systematically strengthen brand 

equity when consistently delivered and transparently communicated (Christodoulides & 

Michaelidou, 2023; Vrontis et al., 2022). 

 

6.1.5 Media Strom – Sleep Intelligence Campaign 

Media Strom, a leading Greek manufacturer of sleep systems, has been at the forefront of 

innovation in the bedding industry for over five decades. Known for integrating science and 

technology into its product design, the company has recently positioned itself as a pioneer in the 
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field of sleep intelligence—the fusion of artificial and human intelligence to enhance sleep quality 

and overall well-being (Marketing Week, 2025). 

 

In 2025, Media Strom launched a groundbreaking campaign entirely developed through artificial 

intelligence (AI). This initiative marked a paradigm shift in the firm’s communication strategy, as 

it became the first Greek company in its sector to use generative AI tools for creative production. 

The campaign’s central message, “Enjoy the Sleep Intelligence,” redefined the company’s brand 

identity by portraying sleep as an experience shaped by both technology and empathy. The 

campaign also featured Foivos, Greece’s first AI Sleep Coach, available through mediastrom.com, 

which uses data-driven algorithms to provide personalized sleep advice to consumers. 

Integration of AI and human insight. 

As CEO Giorgos Niarchos noted, AI was not perceived as a replacement for human creativity but 

rather as a catalyst that magnifies it. The Sleep Intelligence concept reflects a strategic balance 

between machine precision and human emotion—a duality that embodies Media Strom’s brand 

DNA. The Sleep Coach, supported by AI algorithms and reinforced by human expertise, enables 

continuous learning about customer preferences, contributing to a cycle of co-created value 

between brand and consumer (Niarchos, 2025). 

Through this initiative, Media Strom repositioned itself from a traditional product-oriented 

company to a service experience brand. The AI Sleep Coach represents a shift from transactional 

marketing to relational, experience-driven marketing, where the company interacts with customers 

across digital and physical touchpoints. Consumers engage with AI to assess sleep habits and 

receive tailored recommendations, while in-store Sleep Coaches offer personalized 

consultations—bridging algorithmic intelligence with emotional understanding. 

Impact on brand equity. 

The campaign significantly enhanced brand awareness and emotional attachment, positioning 

Media Strom as an innovation leader in the Greek home and lifestyle sector. By merging emotional 

storytelling with AI-generated creativity, the company communicated a vision of the future of sleep 

that resonates with contemporary consumer values such as personalization, technological trust, 

and well-being. As the article highlights, Media Strom’s goal is to “offer sleep for tomorrow—not 
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as a biological need, but as a holistic information system and emotional experience” (Marketing 

Week, 2025, p. 13). 

 

The Media Strom case demonstrates how AI-driven marketing can coexist with human-centric 

branding in service industries. The success of Sleep Intelligence illustrates that effective AI 

implementation requires: 

1. a strong brand identity anchored in human values; 

2. transparent communication of AI’s role; and 

3. a multi-channel approach that bridges online data and offline empathy. 

It also highlights the strategic potential of combining AI-based personalization with brand 

storytelling to create meaningful, differentiated consumer experiences in traditional 

markets such as bedding and sleep technology. 

 

6.2 International Case Studies 

6.2.1 Netflix: AI-Driven Recommendation Systems as a Core Brand Identity 

Netflix represents one of the most emblematic cases of a company whose entire brand identity and 

competitive positioning are deeply intertwined with Artificial Intelligence (AI). Unlike traditional 

service firms where AI acts as a supportive tool, for Netflix recommendation algorithms are the 

core product: they define the viewing experience, shape perceptions of the platform, and drive 

customer loyalty (Gomez-Uribe & Hunt, 2016; Wang et al., 2022). 

The company’s recommendation system uses collaborative filtering, content-based filtering, and 

deep learning models to deliver highly personalized suggestions to over 250 million subscribers 

worldwide. Studies suggest that more than 80% of content consumed on Netflix originates from 

algorithmic recommendations rather than direct searches (Kumar et al., 2023). This level of 

personalization strengthens the company’s corporate identity as a customer-centric, data-driven 

innovator, differentiating it from competitors such as Disney+ or Amazon Prime Video, where 

brand strength is more tied to content libraries than technological personalization. 
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Beyond personalization, Netflix leverages A/B testing and reinforcement learning to continuously 

optimize user interfaces, thumbnails, and trailers shown to different customer segments. For 

example, a single movie may be represented by multiple images, each tailored to a user’s viewing 

history (Deldjoo et al., 2021). This dynamic experimentation not only improves engagement but 

also communicates Netflix’s commitment to innovation and adaptability, reinforcing its reputation 

as the leader in digital streaming. 

The company also applies predictive analytics for content investment. By analyzing granular 

viewing patterns, Netflix forecasts potential success of new shows and guides multimillion-dollar 

content-production decisions. This process embeds AI into strategic decision-making, extending 

its influence from operational personalization to corporate strategy (Zhou & Wang, 2022). Thus, 

the brand identity of Netflix is not only “personalized entertainment” but also “data-driven 

creativity.” 

From a corporate image perspective, Netflix positions itself as a tech-entertainment hybrid, where 

AI is central to both user experience and organizational decision-making. As recent scholarship 

emphasizes, when AI becomes visible in the customer journey, it functions as a branding signal 

that amplifies perceptions of innovativeness and trustworthiness (Christodoulides & Michaelidou, 

2023). In this way, Netflix’s integration of AI has transformed personalization from a technical 

feature into the essence of the brand. 

 

6.2.2 Amazon: AI as the Operating System of Commerce 

Amazon exemplifies how Artificial Intelligence (AI) can become the operating backbone of an 

entire business ecosystem. Unlike firms that adopt AI selectively, Amazon has integrated AI into 

almost every stage of the value chain—from customer-facing recommendation engines to 

warehouse robotics and cloud-based AI services (Dastin, 2022). This pervasive use of AI not only 

drives efficiency but also underpins Amazon’s corporate identity as the global leader in innovation, 

convenience, and scale. 

Core Applications 

Predictive Analytics and Personalization. 
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Amazon’s recommendation system, considered one of the most advanced in the world, generates 

approximately 35% of total sales by tailoring product suggestions to individual customer profiles 

(McKinsey, 2023). Machine learning models analyze past purchases, browsing behavior, and 

contextual data to predict what a consumer is most likely to buy next. This predictive 

personalization enhances the shopping journey and strengthens brand identity as “the place where 

you find what you need before you even search for it.” 

Automated Marketing and Dynamic Pricing. 

AI also powers Amazon’s dynamic pricing strategies, adjusting millions of product prices daily 

based on demand, competition, and inventory (Chen et al., 2021). Automated marketing campaigns 

deliver customized offers through email and push notifications, ensuring that brand 

communication is not only personalized but also timely. 

Conversational AI: Alexa. 

Amazon has further extended its identity through Alexa, its voice-enabled AI assistant. Alexa not 

only functions as a smart-home interface but also reinforces Amazon’s positioning as an everyday 

presence in consumers’ lives. By enabling natural language interactions, Alexa expands the 

company’s touchpoints with customers, embedding AI into daily routines (Hoy, 2023). 

AI in Logistics and Fulfilment. 

On the operational side, Amazon relies on robotics and AI-driven forecasting to optimize 

warehouse operations and delivery routes. The use of machine learning in inventory prediction 

ensures product availability while minimizing costs. These back-end systems, although less visible 

to consumers, enhance reliability and contribute to Amazon’s brand identity as efficient and 

customer-obsessed (Lee, 2022). 

Impact on Corporate Identity 

AI at Amazon is not just an enabler but a core identity signal. The company is perceived as 

relentlessly innovative, hyper-efficient, and customer-centric. This positioning differentiates 

Amazon from competitors such as Walmart or Alibaba, which, while technologically sophisticated, 

have not integrated AI as deeply into their brand narratives. 

Lessons Learned 
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The Amazon case demonstrates that AI can move beyond operational support to become the 

strategic DNA of a service company. By embedding AI into customer experience, marketing, and 

logistics, Amazon sustains its competitive advantage and projects a brand image that blends 

innovation with customer obsession. 

 

6.2.3 Starbucks: Brewing Personalization with AI 

When Starbucks set out to redefine its customer experience, the company faced a challenge 

common in global retail: how to maintain a sense of intimacy and personalization across tens of 

thousands of stores worldwide. The answer lay in Artificial Intelligence (AI), which Starbucks 

framed not merely as a tool, but as a way to make the brand feel like a “barista who knows your 

name and your taste.” 

The turning point came with the DeepBrew AI platform, introduced in 2019 and gradually scaled 

across digital channels. DeepBrew analyzes vast data streams—from purchase histories and 

seasonal preferences to time of day and geolocation—to generate highly personalized 

recommendations on the Starbucks mobile app. A customer who usually orders a cappuccino on 

weekday mornings might receive a weekend suggestion for a cold brew, or a loyalty reward 

nudging them toward a seasonal latte. This kind of predictive personalization became a signature 

of the Starbucks digital experience, blending AI with the company’s long-standing brand identity 

of warmth and familiarity (Grewal et al., 2021). 

AI also transformed Starbucks’ loyalty program, one of the largest in the retail sector with over 60 

million members worldwide by 2023. Instead of generic offers, members now receive tailored 

rewards designed to drive both incremental sales and brand engagement. Scholars note that 

personalization in loyalty ecosystems not only improves short-term purchase rates but also fosters 

deeper emotional attachment to the brand (Huang & Rust, 2021). 

Behind the scenes, Starbucks integrated AI into inventory forecasting and supply chain 

optimization. Deep learning models predict demand for specific beverages and ingredients at store 

level, reducing waste and ensuring product availability. This operational efficiency reinforces 

Starbucks’ image as reliable and consistent, a critical aspect of its brand promise across different 

geographies (Lee & Tang, 2022). 



79 

 

The case of Starbucks illustrates how AI, when framed as part of the brand story, can humanize 

technology. Rather than presenting algorithms as invisible systems, Starbucks narrates DeepBrew 

as an extension of its baristas, amplifying the idea of personalized hospitality at scale. This 

strategic storytelling has proven powerful: the company reports increased customer engagement 

through app usage and a higher frequency of visits among loyalty members (Starbucks Annual 

Report, 2023). 

In sum, Starbucks demonstrates that AI can be woven into the narrative fabric of corporate identity. 

By positioning DeepBrew not as cold automation but as a friendly barista’s intuition, the brand 

transformed advanced analytics into an emotional connection—bridging data and humanity, 

technology and trust. 

 

6.2.4 Sephora: AI in Customer Experience, AR Try-On Tools, and Brand Engagement 

Sephora, one of the world’s largest beauty retailers, has established itself as a pioneer in using AI 

to enhance customer experience and brand engagement. The company was among the first in the 

retail beauty sector to introduce AI-driven chatbots through its Sephora Virtual Artist, enabling 

customers to receive product recommendations, tutorials, and beauty advice via conversational AI 

interfaces (Pantano et al., 2020). 

A major innovation is the AR “Virtual Try-On” tool, which combines AI-powered facial 

recognition with augmented reality (AR). Customers can digitally test lipsticks, eye shadows, or 

foundations on their smartphones before making a purchase. Academic research shows that such 

immersive tools reduce purchase uncertainty, increase conversion rates, and foster stronger brand 

attachment by creating interactive and playful shopping experiences (Javornik et al., 2022). 

Sephora also integrates AI into personalized product recommendations, blending predictive 

analytics with user data such as purchase history, browsing patterns, and loyalty program 

interactions. This personalization reinforces Sephora’s identity as a brand that is not only stylish 

and innovative but also highly responsive to individual consumer needs. The company reports that 

customers who engage with AI-enabled tools show significantly higher spending levels compared 

to those who do not (Accenture, 2022). 
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From a branding perspective, Sephora leverages AI to reinforce its image as both high-tech and 

human-centric. The strategic communication of Virtual Artist and AR try-on campaigns positions 

the brand as approachable, fun, and digitally advanced, creating an identity that resonates with 

younger, tech-savvy demographics (Choi & Luo, 2021). 

 

6.2.5 Hilton Hotels: AI-Enabled Chatbots for Hospitality Service Journeys 

Hilton Hotels illustrates how AI can transform the hospitality service journey, where immediacy, 

personalization, and reliability are key. The company introduced Connie, an AI-powered concierge 

robot built in collaboration with IBM’s Watson, which greets guests, answers questions about hotel 

amenities, and provides local recommendations (Ivanov & Webster, 2019). 

In addition, Hilton employs AI-enabled chatbots across its website and mobile applications to 

streamline booking, handle requests such as room upgrades, and provide real-time responses to 

frequently asked questions. Research indicates that such conversational AI reduces service friction, 

improves satisfaction, and frees staff for more complex guest interactions (Lu et al., 2020). 

AI has also been integrated into personalized guest experiences, including tailored 

recommendations for dining, events, and loyalty program benefits. These initiatives support 

Hilton’s corporate identity as a brand that combines traditional hospitality with technological 

innovation, thus differentiating it from competitors. 

From a strategic standpoint, Hilton demonstrates how AI can serve as both an operational enhancer 

and a branding mechanism. By presenting AI tools such as Connie as extensions of the Hilton 

experience, the company communicates an image of modernity and customer-centric innovation. 

 

6.2.6 Spotify: AI Personalization and Data-Driven Storytelling 

Spotify has distinguished itself in the global music streaming industry by making AI 

personalization and storytelling central to its brand identity. The platform’s recommendation 

algorithms use collaborative filtering, natural language processing, and audio feature analysis to 

provide playlists like Discover Weekly and Daily Mix, ensuring that users feel consistently 

“understood” by the brand (Schedl, 2020). 



81 

 

A particularly innovative practice is Spotify Wrapped, an annual personalized data storytelling 

campaign. Wrapped summarizes users’ yearly listening habits into shareable infographics, 

combining AI-driven analytics with creative branding. This campaign has become a cultural 

phenomenon, widely shared on social media, and has been credited with increasing both 

engagement and brand love (Bonini & Sellas, 2023). 

Spotify also employs AI in content curation for podcasts and new music discovery, reinforcing its 

identity as a personalized gateway to culture and entertainment. Beyond algorithms, Spotify 

strategically communicates its AI capabilities as part of its differentiation: the brand identity is not 

just about music streaming but about personalized discovery. 

Scholars emphasize that Spotify’s approach illustrates the emotional power of AI when combined 

with storytelling: rather than remaining invisible, algorithms are turned into memorable, shareable 

brand experiences that contribute directly to competitive advantage (Pereira et al., 2021). 

 

Chapter 7: Findings and Discussion 

7.1 Summary of Key Findings 

The cross-case synthesis indicates that AI capabilities reinforce corporate identity in service firms 

when they are (i) strategically embedded in the brand promise, (ii) visibly improve customer 

experience quality, and (iii) governed to protect privacy and trust. Across the Greek cases 

(Cosmote, Alpha Bank, Aegean Airlines, Skroutz, eFood, Media Strom), firms used AI for 

predictive personalization, conversational service, logistics/operations optimization, and data-

driven storytelling. These deployments consistently signaled identity attributes such as innovation, 

reliability, and customer centricity, which in turn supported competitive outcomes (e.g., 

conversion, loyalty, and reputational lift).  

International exemplars (Netflix, Amazon, Starbucks, Sephora, Hilton, Spotify) reveal the same 

pattern at scale: when AI becomes an experience-defining layer—recommendations, dynamic 

content, AR try-ons, or service robots—it functions as a brand cue rather than a back-office utility. 

In these settings, personalization and responsiveness are interpreted by customers as who the brand 

is, not only what it does.  
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Second, the analysis shows that value is contingent on orchestration quality. Chatbots and 

automation improved journey continuity and responsiveness when grounded in robust data and 

escalation pathways; poorly tuned systems risked friction and identity dissonance. Third, 

governance is pivotal: perceived transparency and GDPR-aligned practices moderated acceptance 

of personalization, especially in finance and telecom, where trust and risk perceptions are salient. 

Finally, Greek vs. international contrasts suggest convergence in capability portfolios but 

divergence in scale and infrastructural maturity (e.g., experimentation platforms, last-mile 

logistics, data foundations).  

 

7.2 Discussion in Relation to Existing Literature 

Findings mention AI-in-marketing frameworks that conceptualize mechanical (automation), 

thinking (analytics), and feeling (affect simulation) AI as layered capabilities shaping strategy and 

execution (Huang & Rust, 2021). In our cases, automation (e.g., routing, fraud detection) 

underpinned reliability cues; analytics (e.g., recommendations, next-best-offer) enabled relevance; 

and affective interfaces (e.g., empathetic assistants, AI-augmented storytelling) contributed to 

warmth and brand humanization—together amplifying identity coherence across touchpoints. This 

aligns with recent brand-identity research emphasizing the integration of 

visual/behavioral/communication dimensions in digital services (Foroudi, 2024; Balmer & Podnar, 

2021).  

Service research underscores customer experience as a co-created, omnichannel phenomenon in 

which expectation–delivery alignment drives satisfaction and loyalty (Lemon & Verhoef, 2016; 

Wirtz et al., 2025). The cases show AI helps maintain this alignment by sensing intent, 

personalizing timing/content, and shortening resolution cycles—thereby reducing the identity–

image gap. Moreover, from a resource-based view, proprietary data, models, and journey 

orchestration routines behave as VRIN-like assets once embedded into brand processes, explaining 

durable differentiation for “AI-native” firms (Barney, 1991; Kozlenkova et al., 2019, as engaged 

in your review).  

Concurrently, our evidence affirms literature on privacy, transparency, and fairness as prerequisites 

for sustained value capture: over-personalization and opacity can degrade trust and brand 

authenticity, particularly under the EU’s risk-based regime for AI systems. Governance 
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mechanisms (disclosure, consent, human-in-the-loop, fairness audits) convert ethical compliance 

into brand equity, consistent with contemporary work on responsible AI in marketing.  

7.3 Practical Implications for Service Industry Marketing 

First, treat AI as identity infrastructure: articulate which brand values each capability should make 

tangible (e.g., “fast help” via 24/7 chat, “care” via empathetic tone models, “reliability” via precise 

ETAs). This reframes AI roadmaps from tool adoption to identity enactment. Second, design for 

journey-level outcomes—latency to answer, first-contact resolution, cross-channel continuity—

rather than silo metrics; connect model objectives to customer-value KPIs and brand promises. 

Third, institutionalize governance (clear consent UI, data minimization, model explainability) to 

safeguard trust and align with GDPR/EU AI Act provisions; communicate these practices as part 

of the brand story. Fourth, invest in experimentation and MLOps so that creative, product, and data 

teams can continuously test narrative variants, flows, and recommendations without drifting from 

brand voice. Finally, localize capability stacks to context: e.g., Greek marketplaces benefit from 

last-mile and dispatch optimization as identity signals of reliability; financial services should 

prioritize fraud-risk models and transparent personalization to reinforce security and care.  

 

Chapter 8: Conclusions and Recommendations 

8.1 Conclusions 

This thesis concludes that, in service markets where offerings are intangible and uncertainty is 

high, AI becomes a medium through which corporate identity is performed and perceived. When 

responsibly deployed, AI strengthens recognition (consistent visuals/voice), reliability 

(operational accuracy), and relevance (personalized utility), thereby linking identity to competitive 

advantage via superior experience and reputational resilience. The payoff is contingent on 

orchestration quality, governance maturity, and strategic alignment—conditions that distinguish 

enduring differentiation from transient efficiency gains. These conclusions integrate and extend 

current theory on AI in marketing, corporate identity, and service experience by demonstrating 

how capability stacks translate into identity signals that customers value.  
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8.2 Recommendations for Practitioners 

1. Map capabilities to identity promises. Create a matrix that links each AI initiative to explicit 

brand values (e.g., “innovation,” “care,” “speed”), success metrics, and customer segments; 

sunset features that create identity dissonance.  

2.  Engineer for trust. Embed privacy-by-design, human override, and explanation UX into 

journeys; make governance visible (plain-language notices, model provenance) to convert 

compliance into reassurance and preference. 

3. Prioritize high-leverage touchpoints. In telecom and hospitality, front-line chat and ETA 

accuracy are identity-critical; in banking, fraud prevention and advisory personalization 

carry the trust signal; in retail platforms, ranking/recommendation quality and last-mile 

precision define reliability.  

4. Adopt human-in-the-loop creative workflows. Use generative models for ideation and 

scale, with human curation to preserve authenticity and cultural fit.  

5. Operationalize learning. Stand up experimentation platforms and closed-loop attribution 

so content, pricing, and service policies are continuously optimized without eroding brand 

coherence. These steps translate your cross-case lessons into a pragmatic playbook for 

service brands.  

8.3 Suggestions for Future Research 

First, longitudinal identity effects: study how persistent exposure to AI-mediated touchpoints 

shapes brand meaning over time (including habituation and novelty decay). Second, human–AI 

style fit: examine which voice, tone, and anthropomorphic cues in conversational agents best 

preserve authenticity across categories and cultures. Third, governance outcomes: quantify how 

different consent/notice designs affect perceived fairness, willingness to share data, and brand trust 

in EU contexts. Fourth, comparative market structures: analyze how infrastructural endowments 

(e.g., last-mile networks, data ecosystems) moderate AI’s identity and performance effects in 

smaller vs. global markets (e.g., Greece vs. U.S.). Fifth, equity and inclusion: evaluate bias-

mitigation pipelines in recommender and pricing systems and their downstream impact on 

vulnerable segments and brand reputation. These directions would deepen the field’s 
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understanding of AI as an identity-shaping mechanism, advancing both theory and managerial 

guidance. 
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