EuxapioTieg

Evyopiotd mpdto 1o ®ed mOL HOL £3MOCE TN OTION KOU TNV OVTOYN, OCTE Vi
0AOKANPOG® 0vTO TO TOVNHA. Oa emBopovca va evyaplotiom Oepud Tov emiPAémovia
TOV O100KTOPIKOV LoV, ETIKOVPO KoONyNTn KOPLo XT1é€yyo Anuntplo, Yoo Tov ypovo Tov
OBeoe, v evBdppuvoen Tov TIC GLUPBOVAEG TOL, TNV VTOWOVY, KOOMOG Kol TNV
OVLGLOCTIKN TOV GUVEIWGEOPA GTINV Tapovsa epyacia. Xwpig v cuUPoAr Tov Kvupiov
2téyyov Ba ftav advvatn 1 Tapovsioon ovtng g datpiPnc. Eipat moAd svyvouwv yo
TN YEVVOIOO®PT VITOGTHPIEN TOV, TIC YOVILESG 1O£EG TOV KOL TNV OVGTNPT KPLTIKY TOV TOL
AmETPEYE CGOOALOTO KOL LE OONYNCE OTH GMOTH KaTeLOLVON.

Ba Mbeha va evyapotiom Oepud emiong tor pHEAN ™G TPUEAOVS EMTPOTNG,
KkaOnyntés Kupiovg Mnévo Bacirelo, kot [N'empyaxkmon @otn yio v moAlvtiun Pondeia,
TO. TOAMOTAG OYOA0. KO TNV SNUIOLPYIKY ToPEUPacT TOvS GtV TEMKN OOpdpe®on
G TAPOVCOS EPELVOG.

Eipor moAd evyvopmv mpog ta  péAn g emtpomng Kpiong Tov SdakTopkol Lov
kaOnyntég Aptikn ®c6dmpo, Zicko lwdavvn, Xavilnkovotoavtivion XtdOn koar [ToAitn
Koota yu v evBappuvor| tovg kot tov xpovo mov doiEdecay.

Me tov kivouvo va Eexdow KATOoLg eiAovg pe Tovg omoiovg iy evyxdplotn
AAMAETIOPOGT OAOL QUTA T XPOVIKL OVOPEPOUOL UE aydmn otoug: ZoyAd Oavaon,
['kivn Anunepn, Horowwdvvov Amootodn, Papdko I'dpyo, ko Mrepoiun Zotipn.

Eipot moAd evtuymg va €xm pio VTOROVETIKN Kol AVEKTIKN 6T Oplo. TS ovTobuciog
OIKOYEVELD, IOV YOPIC TNV LIOoCTNPIEN TG 0ev Ba MTtav dvvatn 1M Tapovcioon TG

TOPOVCOS EPYUGING.



Aiota - aAyopi1Opwyv

AlyopOpog Ai:Value-iteration yw MDP, gvotra 1.1.
AlyoprOpog Az: Policy Iteration yio MDP, gvotmro 1.1.
AkyoprOpog As: AryopiBpog tov gvog Prpatog, evotnta 2.2
AlyoprOpog Asa:AdyopiBpoc tov akpotdtmv onueiov, evotmrta 3.2
AkyoprOpog As:T'o emdloyn ddakTik®v pnefdowv, evotnta 9.2

AlyoprOpog As: I'a emAoyn ddaktikdv pebddwv, evotnta 9.3

Axpwvupa

DP. Dynamic programming

0.7, 1V TTANPOPOPTOG

f.t. finitely -transient

MDP Markov decision process

POMDP Partially observable Markov decision process

UMDP Unobservable Markov decision process

PWLC piecewise-linear-convex

Sl Stochastically-increasing matrix

TP2 OAhikd Betikdg 16&emg 2

ACOE Ec&icwon Beltictomoinong yia 10 HéGo KOGTOG avd Lovada ypovov.

UB Opotdpopeo epaypo
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